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1. Introduction

Information frictions, often manifested as financial or contractual frictions, are widely recognized
as key drivers of resource misallocation, thereby undermining overall economic performance (Jo-
vanovic, 1982; Kurlat, 2013; Bigio, 2015; Li and Whited, 2015; Fuchs, Green and Papanikolaou,
2016; David, Hopenhayn and Venkateswaran, 2016; David and Venkateswaran, 2019; Boehm and
Oberfield, 2020). Despite their acknowledged importance, empirically identifying the impact of
information frictions on misallocation remains challenging. First, such frictions are inherently
difficult to measure. Second, they may be endogenous, as market participants can strategically
decide the extent of information disclosure. This paper examines how information frictions affect
capital misallocation across firms and aggregate economic outcomes by exploiting a large-scale
legal transparency reform in China as a natural experiment.

In 2014, China launched a landmark judicial transparency reform that made lawsuit informa-
tion, previously unavailable to the public, widely and easily accessible. Courts were required
to publish the judgment documents online for nearly all cases,! and these documents were not
anonymized, allowing users to search company names and view their legal histories. Third-party
platforms further streamlined access by compiling and organizing this legal information, substan-
tially improving the visibility of firms’ legal risks.

We exploit regional variation in the implementation of the reform to examine how lawsuit
information transparency affects capital misallocation and aggregate economic output. Our main
explanatory variable, legal transparency, is constructed as the proportion of closed cases with pub-
licly disclosed judgment documents in each region. Since the vast majority of court-disclosed cases
involve local defendants—approximately 92.3% at the provincial level and 89.0% at the prefecture
level—regional transparency measures effectively capture the extent of information availability of
local firms. Our results are highly consistent across alternative measures, including the disclosure
rate of civil cases, same-year case closures, contract disputes, and the disclosure rate adjusted for
the informational richness of judgments.

We develop a theoretical framework to formalize how information frictions contribute to cap-
ital misallocation, highlighting the interplay between information frictions and financial frictions,
which guides our subsequent empirical analysis. As legal transparency improves, lenders gain
better access to firm-level information and can more easily distinguish between firms with strong
and weak fundamentals. Consequently, credit is reallocated away from less productive firms and
toward more productive ones. We adopt the approach proposed by Bau and Matray (2023), which
considers a relative decline in MRPK and an increase in capital among initially high-MRPK firms
as evidence of reduced misallocation. Accordingly, we expect that greater legal transparency will

improve capital allocation efficiency and increase aggregate output.

TExcept for cases related to national security and personal privacy.



Identification Assumptions To ensure the validity of our identification assumptions regarding
the quasi-random implementation of the reform across regions, we conduct a series of empirical
tests and adopt multiple identification strategies. First, similar to Bau and Matray (2023), our
identification does not require the assumption that legal transparency and economic conditions
are uncorrelated. To be specific, our main focus is on examining the differential impacts of legal
transparency on high versus low MRPK firms, thus excluding confounders at the region-by-year
and industry-by-year levels by including fixed effects.

Second, we confirm that the implementation of the reform is unlikely to be correlated with pre-
reform economic factors related to misallocation. This is because the reform was primarily driven
by judicial system dynamics rather than economic considerations.? To verify this, we show that
post-reform legal transparency is uncorrelated with pre-reform economic fundamentals typically
associated with misallocation, including MRPK dispersion (Hsieh and Klenow, 2009), the share of
state-owned firms (Brandt, Kambourov and Storesletten, 2025), and market concentration ratios.

Third, we explicitly test the parallel trends assumption—that in the absence of the legal trans-
parency reform, differences in outcomes between firms with ex-ante high and low MRPK across
provinces with varying transparency levels would have evolved similarly. A triple-difference
analysis, comparing firms by initial MRPK, province-level transparency, and pre/post-reform pe-
riods, confirms that high- and low-MRPK firms exhibited similar pre-reform trends in key out-
comes, ensuring that post-reform effects are not driven by pre-existing differences.

Fourth, we employ an instrumental variable approach leveraging exogenous variation in re-
gional legal transparency driven by provincial court leaders’ central government and Supreme
People’s Court (hereafter, SPC) work experience. The rationale is that court leaders with such
connections are less reliant on Zhou Qiang—the then-president of the SPC and key proponent
of the reform—for career advancement, and therefore have weaker incentives to actively imple-
ment the reform. Importantly, the appointment of local court leaders is generally unrelated to
regional economic fundamentals, as their responsibilities are largely independent of economic de-
velopment. The IV estimates closely mirror our baseline results, suggesting that endogeneity is
unlikely to be a major concern.

Finally, we examine the specific mechanism through which legal transparency affects capital
allocation to further strengthen the case for causality. If transparency improves credit allocation
by reducing information asymmetries, its effects should be more pronounced among firms or in-
dustries in which financing decisions are more sensitive to information. We test this by analyzing
heterogeneity across firms’ public listing status, ownership type, and industry-level contract inten-
sity. The results are consistent with this mechanism and lend further support to our identification

strategy.

2This is also verified by existing literature who find the post-reform transparency largely related to local courts’
recognition of the Supreme People’s Court’s authority (Liu et al., 2022b; Chen, Liu and Tang, 2022) while generally
unrelated to regional economic conditions (Tang and Liu, 2019).



Main Findings Our empirical findings show that improved legal transparency significantly mit-
igates capital misallocation. Specifically, for firms with initially high MRPK, a 10-percentage-point
increase in the provincial legal transparency results in a 4.4% increase in physical capital and a
7.9% reduction in MRPK, relative to firms with lower MRPK. Our results are robust to alternative
measures of legal transparency, including prefectural and county-level indicators, civil cases only,
cases closed within the same year, contract dispute cases disclosure rate, and disclosure rates ad-
justed for information richness. They also hold when excluding large firms whose lawsuits may
carry greater social impact, suggesting minimal concern that policy implementation was influ-
enced by economic considerations. In addition, our results are robust when allowing concurrent
judicial independence reform (studied in Liu et al. (20224)) to have heterogeneous impact on high
and low initial MRPK firms.

Next, we examine whether enhanced legal transparency stimulates industrial output at both
firm and industry levels. We find that firms with initially high MRPK experience greater output
growth relative to those with low MRPK as legal transparency improves. At the industry level,
regions with larger increases in legal transparency exhibit more pronounced gains in industrial
output, driven primarily by higher labor productivity rather than workforce expansion. Improved
legal transparency also encourages new firm entry.

To uncover the mechanism, we directly examine firms” debt financing behavior. Intially high-
MRPK firms in regions with higher legal transparency are able to secure more debt financing and
exhibit higher overall leverage ratios than low-MRPK firms. To highlight the role of informa-
tion, we show that long-term debt shifts more strongly toward high-MRPK firms than short-term
debt—consistent with corporate finance theory that long-term debt is more information-sensitive.
Additionally, firms with initially low (high) MRPK are more (less) likely to be sued and face higher
(lower) lawsuit values relative to sales. Moreover, higher disclosed lawsuit values are associated
with reduced borrowing in subsequent years. These results establish the mechanism of impact.
The disclosure of lawsuits reduces information asymmetry: for firms involved in lawsuits, the dis-
closure sends a negative signal, while for those not sued, it conveys a positive signal. As a result,
more productive firms—typically those with fewer legal disputes—gain relatively greater access
to debt financing, leading to improved capital allocation.

To further support this mechanism, we examine heterogeneity along three closely related di-
mensions: information availability, contract intensity, and dependence on external finance. First,
firms’ public listing status reflects the level of information available to the market prior to the re-
form. Consistent with our mechanism, publicly listed firms—already subject to mandatory legal
disclosures prior to the reform—exhibit weaker responses to the reform than non-listed firms, re-
inforcing the role of information frictions. Second, lawsuit disclosures are particularly informative
in industries with higher contract intensity. Using the measure proposed by Nunn (2007), we find
that such industries experience more pronounced improvements in capital allocation and greater
increases in industrial output following the reform. Third, firm ownership serves as a proxy for

financial frictions: private firms in China typically face higher financing constraints than state-



owned or foreign firms (Bai, Lu and Tian, 2018). We find that private firms respond more strongly
to increased legal transparency, suggesting that improved information plays a key role in reshap-
ing debt financing patterns.

Related Literature Our paper contributes to the literature on misallocation in developing coun-
tries. Influential studies by Hsieh and Klenow (2009) and Restuccia and Rogerson (2008) have
inspired a growing interest in identifying specific factors driving capital misallocation. This body
of research highlights key contributors such as financial frictions (Midrigan and Xu, 2014; Moll,
2014), information frictions (David, Hopenhayn and Venkateswaran, 2016), markup dispersion
(Peters, 2020), or combinations of these factors (Song and Wu, 2015). Our paper focuses on the
relationship between information frictions and capital misallocation. Relevant theoretical contri-
butions include the works of Kurlat (2013), Bigio (2015), Fuchs, Green and Papanikolaou (2016),
and David, Hopenhayn and Venkateswaran (2016), which model how information asymmetries
result in capital misallocation and economic inefficiencies. David and Venkateswaran (2019) in-
troduce an empirical methodology to disentangle the sources of capital misallocation, including
information frictions. Building on this literature, our study provides empirical evidence showing
that reducing information frictions through improved corporate legal transparency can enhance
resource allocation and economic performance.

This paper relates to the literature on how information disclosure affects firms” debt financing.
Existing studies show that litigation and subsequent declines in credit ratings significantly hinder
publicly listed firms” access to bank loans and increase their financing costs (Deng, Willis and
Xu, 2014; Oliviero, Park and Zou, 2024; Arena, 2018; Ni and Yin, 2018; Bayar et al., 2024). Local
information environment also affects bank lending (Graham, Li and Qiu, 2008; Ma et al., 2023).
Our paper makes two distinct contributions. First, rather than focusing solely on the affected
firm, we examine the impact of information disclosure on equilibrium credit (mis)allocation across
firms. Second, we use a comprehensive dataset primarily consisting of non-listed firms, for which
evidence on how information influences credit allocation is relatively scarce.

Our paper is broadly related to the role of institutional quality in economic development. Nu-
merous studies, including North (1991), Murphy, Shleifer and Vishny (1993), Mauro (1995), Barro
(1997), Acemoglu, Johnson and Robinson (2001), and Acemoglu and Johnson (2005), argue that
low institutional quality—such as widespread corruption, weak contract enforcement, and ex-
propriation risk—impedes economic growth. Specific attention to the relationship between legal
institutions, financial development, and economic growth has been given by La Porta et al. (1997),
Demirgti¢-Kunt and Maksimovic (1998), La Porta et al. (1998), Levine (1999), and Allen, Qian and
Qian (2005). In the context of open economies, Wei (2000) pioneers empirical work on the connec-
tions between institutional quality and FDI, while Levchenko (2007), Nunn (2007), Costinot (2009),
Chor (2010), and Cui, Yu and Zhang (2022) examine how institutions shape international trade.
On the impact of judicial quality on socio-economic outcomes, prior research highlights the influ-
ence of judicial efficiency on economic performance (Visaria, 2009; Ponticelli and Alencar, 2016;



Boehm and Oberfield, 2020; Chemin, 2020). Our research also focuses on the judicial system as a
key element of institutional quality in economic development, with a particular emphasis on how
legal information transparency mitigates capital misallocation and promote economic growth.
This paper is also connected to the literature on the role of legal institutions in shaping eco-
nomic outcomes in China. Allen, Qian and Qian (2005) argue that while the law-finance-growth
nexus is relevant to China’s state and listed sectors, the private sector—despite lacking robust le-
gal and financial institutional support—has been the primary driver of China’s growth. Li and
Ponticelli (2022) highlight that the introduction of bankruptcy-specialized courts has facilitated
insolvency resolution and improved capital productivity. Additionally, Liu et al. (20224) study
the effects of judicial independence reforms in reducing local protectionism and fostering cross-
regional economic integration. Liu et al. (2025) examine how lawyers with prior experience as
judges influence judicial decisions and broader economic outcomes. We study a distinct reform—

legal transparency reform—and focus on its impact on capital misallocation.

The remainder of the paper is organized as follows. Section 2 presents the institutional back-
ground of the legal transparency reform in China. Section 3 outlines a theoretical framework
that links information frictions to capital misallocation, which helps guide the empirical analysis.
Section 4 outlines the measurement of regional legal transparency, presents the empirical speci-
fication, and describes the datasets used in the analysis. Section 5 examines firm-level response
in capital allocation to changes in legal transparency. Section 6 discusses the output responses at
both the firm level and the aggregate industry level. Section 7 examines the channel of impact
and explores the heterogeneity in responses based on firms” public listing status, industry-level

contract intensity, and firm ownership. Finally, Section 8 concludes the paper.

2. Institutional Background

2.1.  The Legal Transparency Reform

China’s court system consists of the SPC and three tiers of local courts: high people’s courts
at the provincial level, intermediate people’s courts at the prefectural level, and primary people’s
courts at the county level.> The SPC supervises and manages courts at all levels, ensuring that
laws and related directives are properly implemented.

In mid-2013, China initiated a judicial reform led by the then-president of the SPC, Zhou
Qiang, aimed at enhancing legal transparency through the online disclosure of judicial informa-
tion. The SPC issued a directive titled “Provisions of the Supreme People’s Court on the Issuance
of Judgments on the Internet by the People’s Courts” (2013 SPC Notice), mandating the online
publication of all judicial decisions starting in January 2014. Courts at all levels were required to

upload their judgment documents to a centralized public platform. This reform was implemented

3The court system also comprises specialized courts, such as military and maritime courts.



in a top-down manner, with the SPC responsible for organizing, guiding, and supervising local
courts to ensure its effective implementation.

The website for publishing judicial documents, China Judgments Online (CJO),* has been op-
erational since late 2013. Judgments are typically uploaded within 90 to 180 days of the decision,
with 95% of decisions posted within one year (Yang, Qin and He, 2019). As of December 2022, the
website hosts over 139.2 million publicly available judicial documents, offering free and open ac-
cess for users to search and retrieve complete judgments. The SPC requires all judicial documents
to follow a standardized format, ensuring consistency in the categories of information provided.

More importantly, the SPC explicitly mandated that local courts could not selectively disclose
decisions based on the case type, social impact, or judgment quality. Instead, disclosure was
required for all cases, except for those involving state security and sensitive individual privacy.’
Notably, the disclosed documents are not anonymized, allowing users to search for firm names
and review their legal information. As shown in Figure 1, the number of disclosed cases increased

substantially following the policy’s implementation, with a sharp rise beginning in 2014.
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Figure 1. Total Disclosed Cases and Legal Transparency

Notes: This figure displays the total number of disclosed cases (left axis, blue bars) and legal transparency (right axis,
connected line) from 2010 to 2019. Legal transparency is measured by the fraction of publicly released cases relative to
the total number of closed cases.

Example Judgment Document Figure OA1 in the Appendix presents an example of a judgment
document from CJO. Key details include the court name, the parties involved and their basic in-
formation, the facts of the case, court-accepted evidence, trial proceedings, applicable legal provi-
sions, and the final decision. The case shown is a sales contract dispute, with detailed descriptions

4The website can be accessed at http://wenshu. court.gov.cn.

5Cases involving state secrets, juvenile defendants, divorce or child custody matters, and certain mediation-based
resolutions are generally excluded from online publication to protect privacy, safeguard state secrets, and ensure the
safety of those involved.
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of Company A’s failure to deliver goods on time, constituting a breach of contract. Figure OA2 in
the Appendix displays the CJO search interface, which allows users to search for cases by cause of
action, case name, court name, or the parties involved, etc. Since its launch, CJO has seen extensive

use, with total visits reaching 100.2 billion by December 2022.

Pre-reform Anonymized Disclosure Before the 2013 reform, the SPC permitted lower courts to
voluntarily publish judgments on their own official websites. This initiative aimed to educate
judges by providing reference cases to improve legal understanding and application. However,
the disclosed judgments were highly selective and required case-by-case approval to ensure that
only high-quality decisions, which would not jeopardize the interests of the state or the judiciary,
were made public (Liu et al., 2022b). Consequently, the overall disclosure rate of court decisions
prior to 2013 was only 2.7% (Tang and Liu, 2019). More importantly, the SPC mandated that
private information, such as names, addresses, and contact details, be anonymized, preventing
the disclosed cases from being used to infer the fundamentals of specific firms before the 2013

reform.

Regional Variation in Reform Implementation During the main period studied in this paper,
the initial three years of the reform (2014-2016), there was notable variation in implementation
across regions. This variation was primarily driven by differences in local judicial systems (Liu
et al., 2022b), while market development, measured by GDP, has played a limited role in explain-
ing compliance disparities (Tang and Liu, 2019). In particular, the political connections of local
court leaders to the central government influenced their willingness to comply with the reform
(Chen, Liu and Tang, 2022). To strengthen our identification strategy, we show that the reform is
unrelated to pre-reform economic fundamentals and construct an instrumental variable (IV) based
on these political connections, as detailed in Section 5.2.

2.2. Economic Cases Make Up the Majority of Disclosed Judgments

The information disclosed under the legal transparency reform is predominantly economic in
nature. We analyze the universe of first-instance civil judgment documents from 2014 to 2019,
with detailed composition information presented in Appendix Figure OA3. Panel (a) shows that
62% of all published judgments involve at least one firm, while the remaining 38% pertain solely
to individuals. Among firm-related cases, 60% (38/62) list at least one firm as a defendant.

Panel (b) demonstrates that contract disputes constitute the majority of judgments across all
categories. Specifically, contract disputes represent 80.1% of firm-involved cases, 70.2% of cases
with firms as defendants, and 66.1% of cases not involving firms. Panel (c) further indicates that
these proportions have remained relatively stable over time, suggesting that the reform has mean-
ingfully increased the visibility of contract-related legal risks and provided broader insights into

firms’ business activities.



To further characterize the nature of firm-related contract disputes, Panel (d) presents the top
eight dispute categories involving firms as defendants. These include disputes related to sales,
loans, labor, engineering, infringement disputes, leases, insurance, and service contracts. Together,
they account for 64.4% of all published judgments and 91.7% of all firm-related contract disputes.
Moreover, the most common dispute types for cases involving only individuals follow a broadly

similar pattern.

2.3.  The Influence of CJO on Credit Markets

Following the establishment of CJO, the Chinese government launched the National Enterprise
Credit Information Publicity System to further enhance corporate transparency and information
accessibility. Developed using judgment documents, this system aims to improve the availability
of corporate legal data. Platforms like Qichacha® and Tianyancha’ have been instrumental in
this initiative. Before the policy, these platforms already provided detailed information on all
registered firms in China, including registration details, equity structure, industry classification,
and registered capital. After the policy’s implementation, judicial cases were integrated into these
platforms. As shown in Figure OA4 in the Appendix, users can search for a company’s total
number of historical legal disputes, view ongoing cases, and directly access judgment documents.
By making such detailed legal information readily accessible, these platforms have significantly
improved transparency and accountability within the business environment.

Before the establishment of CJO, banks and financial institutions in China primarily relied on
the Central Bank’s credit information platform to assess creditworthiness. This platform provided
details on a company’s past loans and default records across all banks. The launch of CJO, along
with the integration of judicial documents into platforms like Qichacha and Tianyancha, has in-
troduced new data sources, providing banks and financial institutions with easier access to more
comprehensive information on corporate risk.

In 2015, China updated its corporate credit evaluation standard, Indicator for Enterprise Credit
Evaluation (GB/T 23794-2015), established by the National Standardization Administration.® This
update explicitly incorporated judicial risks into credit evaluations. Many commercial institutions
now adopt this standard to rate companies, factoring in financial and other relevant information.
Prior to this reform, only publicly listed companies were required to disclose material legal in-
formation. Existing research shows that litigation and subsequent declines in credit ratings sig-
nificantly hinder a listed firm’s ability to secure bank loans and increase its debt financing costs
(Deng, Willis and Xu, 2014; Oliviero, Park and Zou, 2024; Arena, 2018; Ni and Yin, 2018; Bayar
et al., 2024). Consequently, the establishment of CJO, which publicly discloses judicial risks for all
tirms, has shown a profound impact on the credit market.

bhttps://www.qcc. com

"https://www.tianyancha.com

8The full text of the standard is available at https://www.chinesestandard.net/PDF/English.aspx/
GBT23794-2015 (in English, last accessed: June 24, 2025). The standard was replaced by GB/T 23794-2023, which
includes more detailed provisions regarding the information disclosed on judicial document platforms.
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There is no shortage of examples in China where firms facing lawsuits, such as being unable
to repay account payables and subsequently being sued by their suppliers, have been denied
loan extensions by banks.” The public disclosure of such disputes on platforms like CJO enables
financial institutions to better monitor firms’ legal risks, prompting them to scrutinize companies
with litigation records more closely. Consequently, a firm’s litigation history can significantly
impact its ability to secure financing. We present formal empirical evidence supporting this point
in Section 7.1.

3. Information Frictions and Capital Misallocation: A Theoretical Frame-

work

In this section, we present a model showing how information frictions—arising from outsiders’
lack of accurate information about firms” fundamentals (productivity)—can lead to capital misal-
location, as reflected in dispersion in MRPK. The model underscores the interplay between in-
formation frictions and financial frictions, providing a foundation for the subsequent empirical
analysis.

Consider a firm i operating in industry j, characterized by productivity Z;;. Its output is deter-
mined by the production function:

k a/_l
Y = (Z;Ky)V H, (1)

where Kj; denotes capital input and H;; represents a composite of other inputs, including labor
and materials. The parameters (x;‘ > 0and (x;’ > 0 capture industry j’s output elasticities of capital
and other inputs, respectively. We assume decreasing returns to scale, such that Dc;‘ + oc;-l < 1.

Firms finance their capital input through external borrowing, so that K;; = B;;. Firms face a
borrowing constraint based on expected cash flow:

B;j < OE[Y;], (2)

where E denotes the expectation taken by lenders conditional on their information set.

Given capital input Kj;, the firm chooses input H;; to maximize profits:

h
&

o
max (ZijKij)"1 H;} — wHj, 3)

where w is the price of the input bundle H;;. The first-order condition yields the optimal input
choice:

4)

9To give a few examples (in Chinese), see Lingshou County Court, Yangpu Government Online.
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Substituting this back into the production function gives the firm’s revenue (output):
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The marginal revenue product of capital (MRPK) is given by:
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Therefore, a lower Kij implies a higher MRPK.
Note that the borrowing constraint can then be rewritten as
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Suppose the interest rate on borrowing is r. When the borrowing constraint is not binding, the firm
equates the marginal revenue products of capital to the cost of borrowing directly, i.e., MRPK;; =
r10 However, when the borrowing constraint binds, the firm is unable to obtain its optimal level
of capital, resulting in lower capital usage compared to the unconstrained case. We will proceed
below with the interesting case that financial frictions always matter. With binding borrowing
constraint, MRPK;; will be higher than r. Intuitively, a binding borrowing constraint implies the
presence of a shadow cost of capital. Specifically, the binding constraint implies that

K, =0t e TE |z (8)
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where we have used A;; to denote Zi[ .

10With a capital depreciation rate J, the marginal revenue product of capital equals 7 4+ J when the borrowing con-
straint is not binding.

10



The above equation underscores the role of information frictions as a key driver of dispersion
in the marginal revenue product of capital (MRPK) when financial frictions matter. When lenders
possess more accurate information about firms’ productivity, the ratio ﬁ approaches 1, thereby
reducing the dispersion in MRPK across firms.

Suppose firms’ productivity Z (A) takes a binary distribution Zy (Ag) and Zy (A1) with equal
probability. To develop economic intuition, we first examine two limiting cases. Without in-
formation frictions (E[A] = A), MRPK collapses to the same value within an industry and the
dispersion of MRPK is 0. With information frictions such that lenders cannot distinguish high

and low productive firms at all, the dispersion of MRPK is not longer 0. Specifically, for more

k
Y o1 Ay
17047 0 0.5Ag+05A1

k
productive firms, their MRPK = > 12,4 5, and for low productive firms, their
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Below, we summarize the general cases, accounting for the level of transparency explicitly.

Proposition 1. Suppose a fraction x € [0,1] (representing the overall level of transparency in a region)
of both high- and low-productivity firms are identifiable to lenders, while the remainder are not. Then
the average log MRPK gap between the two types of firms (high-productivity vs. low-productivity firms)
decreases as transparency x increases.

Proof. For either group of firms, x fraction of firms are identifiable to lenders, while the remaining

1 — x fraction are not. As a result, the average log MRPK of high-productivity firm group is

o 1 A
log —~ -+ [xlog1+ (1 —x) il

1 -4
1—alf %8 0545 + 054,

Similarly, the average log MRPK of low-productivity firm group is

ok
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The gap between the two groups is then (1 — x)[log Ay — log Ar]. It decreases as transparency
X increases.
O

Given the inverse relationship between MRPK and K established in Equation 6, we conclude
that the dispersion of average log K increases monotonically with transparency x. An analogous
conclusion applies to credit B, since firm borrowing is positively correlated with capital stock K.

The discussion above assumes symmetric information frictions for both high- and low-productivity
tirms, we also explore the possibility of asymmetric disclosure. Specifically. We consider the case
where low-productivity firms are more likely to be publicly revealed due to a higher likelihood
of being sued—an empirical pattern we document in Section 7.1. We find that our main results

remain generally robust to this asymmetry. Importantly, the absence of a firm’s involvement in
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legal cases also acts as a positive signal, enabling lenders to infer a higher likelihood that a firm
has high productivity. We summarize this case’s theoretical predictions on capital misallocation
below.

Proposition 2. Suppose that only low productive firms’ are revealed with probability x € [0,1] to lenders.
Then the average log MRPK gap between the two types of firms (high-productivity vs. low-productivity

firms) decreases as transparency x increases.
Proof. See Appendix A. O

As capital K and credit B are inversely related to MRPK, we also conclude that the dispersions
of average log K and log B increase monotonically with transparency x when the disclosure is

asymmetric.

4. Measurement and Empirical Specification

4.1.  Measuring Legal Transparency

Provincial-level Measure The measure of legal transparency is constructed using two sets of
data. The first is the number of cases publicly released each year by each province, sourced from
the CJO. The second is the number of cases closed each year by each province, drawn from the
Law Yearbook of China and the annual work reports of various high courts. Our key explanatory
variable, representing the legal transparency of province c in year ¢, is denoted as transparency,;.
Formally, we define it as,

number of cases made public by province c year ¢

t = hen t > 2014 1
PASpATencYet = | umber of cases closed by province ¢ within year ¢’ when t 2 20 (10)

and transparency, = 0, when t < 2013. As shown in Figure 1, the fraction of publicly released
cases was negligible before 2014, followed by steady growth from 2014 to 2019.

We primarily use province-level data to measure legal transparency for several reasons. First,
data availability favors province-level measurements. Data on the number of closed cases of each
province has been consistently available from the Law Yearbook of China or annual work reports
since 2014, whereas prefecture-level data is only available from 2015 onward and contains signif-
icant missing values.!! Given that legal transparency was already substantial in 2014 (as shown
in Figure 1), province-level measure is more suitable. Second, there is considerable variation in
legal transparency across provinces. Figure OB1 in the Appendix illustrates prefecture-level le-
gal transparency in 2015, and a variance decomposition reveals that 63.89% of the total variance
in transparency measures is explained by between-province differences. Third, aggregate out-

come variables categorized by industry are only available at the province level. In contrast, at

HThe SPC provided us with county- (and prefecture-) level data on closed cases from 2015 onward for research
purposes; this data is not publicly disclosed.
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the prefecture level, only aggregate manufacturing industrial output is available. Therefore, we
primarily rely on provincial-level transparency measures for baseline analyses. For additional ro-
bustness checks, we construct alternative measures of legal transparency based on different case

types, regional, and temporal definitions, as described below.

Prefecture-Level and County-Level Measures Where data permit, we additionally construct
legal transparency measures at the prefecture and county levels. For localities with missing data,

we impute using corresponding province-level measures to maintain coverage.

Civil Cases and Cases Closed Within the Same Year We also construct a disclosure rate based
on civil cases, as most business-related legal disputes fall under civil rather than criminal or ad-

ministrative categories.?

Note that civil case transparency data are missing for some regions
because certain yearbooks and annual reports do not report the number of closed cases by case
type. To address the concern that the disclosed cases may include cases closed in prior years,
we construct an alternative measure using only cases both closed and disclosed within the same

calendar year.

Judgment Quality and Disclosure of Contract Disputes We also construct additional trans-
parency measures to capture more detailed characteristics of the disclosed cases. Specifically, we
use (i) the average length of the reasoning section in disclosed judgments as a proxy for informa-
tion richness to augment the legal transparency measure; (ii) the number of disclosed contract dis-
pute cases normalized by the number of industrial firm; and (iii) the number of disclosed contract
dispute cases specifically involving firms as defendants, normalized by the number of industrial

firms.

4.2.  Empirical Specification at Firm level

We adopt the approach in Bau and Matray (2023) to construct our empirical model, focusing
on whether the reform has a differential impact on firms with high versus low initial MRPK. Our
main empirical setting at the firm level is as follows:

Yicjt = B * transparencyc; x Il.HighMRPK + Xi* g(t) + o + ver + O + €icje, (11)
where i, ¢, j, and t denote firm, province, industry, and year, respectively. The dependent variable
Yicjt represents firm-level outcomes of interest, including MRPK, fixed capital, output, and bor-
rowing, all in logarithm. The variable transparency. measures the legal transparency of province

c in year ¢, as defined in Equation 10.

1260me economically relevant cases are classified as criminal, such as contract fraud, tax evasion, illegal fundraising,
and bribery.
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HighMRPK .

I is a dummy variable indicating whether firm i had an initial MRPK above the me-

1
dian within its CIC-4 digit industry. As shown in Equation 6, assuming that all firms within the
Revenuejj;

Kijt :
sure of MRPK. To classify firms into high or low MRPK categories prior to the reform, we calculate
each firms” average MRPK from the period 2009-2012 and define firms with high initial MRPK as

those with an average MRPK above the median within their CIC-4 digit industry. This period was

same industry share the same capital elasticity uc;.‘, we obtain as a within-industry mea-

chosen to exclude the potential effects of the 2008 financial crisis and to precede the policy’s im-
plementation in 2013. For robustness checks, we also use MRPK in 2011 as an alternative measure
of initial MRPK, given that our firm-level analysis covers the period 2011-2016.

X; * g(t) represents the interaction terms between firms’ initial log sales (in 2011) and year
dummies, controlling macroeconomic policies that may be size-dependent. We add firm fixed
effects a;, province-by-year fixed effects vy, and CIC 4-digit industry-by-year fixed effects 6;;. Note
that these fixed effects absorb any factors that similarly affect high- and low-MRPK firms at the
province or industry level, such as fiscal policies, industrial policies, as well as judicial efficiency
improvements or changes in social trust resulting from transparency reforms. Standard errors are
clustered at the CIC 4-digit industry level.

B captures the reform’s effect only if it has a differential impact on high- versus low-MRPK
firms. For MRPK as the outcome variable, a negative f indicates that in regions with greater
improvement in legal transparency, firms with initially high MRPK experience a larger reduction
in MRPK relative to firms with low initial MRPK. For fixed capital, output, and borrowing as the
outcome variables, a positive p implied that firms with initially high MRPK exhibit greater growth
in these variables in regions with higher legal transparency.

4.3. Identification

The identification of the policy’s effects leverages the quasi-exogeneity of the reform’s imple-
mentation across regions. The key assumption is that, in the absence of the legal transparency
reform, differences in outcomes between firms with ex-ante high and low MRPK across provinces
with varying levels of transparency would have followed parallel trends. While this assumption
is not directly testable, we implement a series of empirical strategies to validate its plausibility

and mitigate potential sources of bias.

Region-by-Year and Industry-by-year Fixed Effects Similar to Bau and Matray (2023), our em-
pirical model focuses on the differential responses of high- and low-MRPK firms to changes in
legal transparency. This approach offers two key advantages over the conventional cross-sectional
MRPK variation method. First, it isolates changes in capital misallocation specifically attributable
to the reform—in this case, legal transparency, while controlling for other macroeconomic factors,
such as changes in local economic conditions, judicial quality, and political environment, as well
as measurement error in misallocation, through the inclusion of industry-by-year and province-
by-year fixed effects. Second, it imposes weaker identification assumptions, requiring only that
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unobserved factors affecting the gap in MRPK between high- and low-MRPK firms be uncorre-
lated with legal transparency, thereby mitigating the risk of bias from omitted variables.

Selection in Reform Implementation We provide evidence that variation in reform implemen-
tation is unrelated to pre-reform factors associated with capital misallocation. Specifically, we
show that post-reform legal transparency is uncorrelated with pre-reform MRPK dispersion, the
share of state-owned firms, and market concentration (Table 3).

Pre-existing Trends To assess the plausibility of the parallel trends assumption, we estimate a
triple-difference event-study specification. The results confirm that high- and low-MRPK firms
across regions with different transparency levels followed similar trends in key outcomes prior to
the reform (Table 4).

Exogenous Variation in Reform Implementation To further strengthen causal identification,
we exploit exogenous variation in reform intensity driven by provincial court leaders” prior ex-
perience in central government agencies. Leaders with central ties were less reliant on the SPC
president Zhou Qiang for promotion, and thus had weaker incentives to implement a reform
strongly associated with his agenda. Judicial appointments are generally unrelated to local eco-
nomic conditions, supporting the plausibility of this instrument. The results are qualitatively and
quantitatively robust (Table 5).

Heterogeneity We investigate the mechanism linking legal transparency to capital allocation to
further strengthen the identification. If transparency reduces information asymmetries in credit
markets, its impact should be stronger for firms or industries more sensitive to information and
more financially constrained. We test this by examining heterogeneity across public listing status,
ownership type, and industry-level contract intensity. The findings align with this mechanism
(Section 7.4 to 7.6).

Excluding Firms with Large Social Impact To address concerns that high-profile firms may have
influenced disclosure due to reputational or political considerations, we re-estimate our baseline
results excluding large firms. The findings remain robust, suggesting that selective disclosure is
not a major source of bias (Appendix Table OC6).

Concurrent Policies A judicial independence reform was also implemented between 2014 and
2016 (Liu et al., 2022a). We account for its potential confounding influence by allowing its effects to
vary by firms’ initial MRPK status. Our results remain robust after controlling for this overlapping
policy (Appendix Table OC7).
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4.4. Data Sources

Firm-level Variables The primary firm-level outcomes are sourced from a panel dataset derived
from the China Tax Survey, covering the years 2011 to 2016. The China Tax Survey is an annual
survey jointly conducted by the Ministry of Finance and the State Administration of Taxation,
comprising approximately 700,000 observations per year. This dataset includes a diverse range
of firms, with roughly half being industrial firms, and we focus our analysis on these industrial
firms. The dataset captures a significant portion of China’s economic activities, as the included
tirms contribute around 75% of the country’s total tax revenue. The dataset provides detailed
information on various firm-level variables, such as revenue, total output value, capital, total
assets, employment, and ownership structure. The data is available to us from 2009 to 2016, and
we use pre-reform data (from 2009 to 2012) to compute the initial MRPK.

The data set also contains firms’ cash flow statements, which we use to measure borrowing
conditions. We first use the total leverage ratio, defined as the ratio of total debt over fixed capital,
to measure firms’ overall borrowing capacity. We further analyze firms’ total, long-term (non-
current), and short-term (current) debt, recognizing that these types of debt differ in their sensi-
tivity to information. Additionally, we follow Cun et al. (2022) to construct a measure of trade

borrowing, using accounts payable as a proxy.

Legal Transparency and Disclosed Lawsuits We construct measures of legal transparency based
on the number of disclosed cases obtained from China Judgments Online (CJO), disaggregated by
case type (civil, criminal, administrative) and compiled at the provincial, prefectural, and county
levels. Data on the number of closed cases come from the Law Yearbook of China and the annual
reports of high courts. In addition, the SPC provided non-public data on case closures at the
prefecture and county levels since 2015, which align well with yearbook aggregates. To further
capture firm-level legal exposure, we match our dataset with lawsuit records from Qichacha to

identify whether a firm has been involved in litigation and, if so, the associated claim amounts.

Industry Aggregate Output and Employment Industrial output serves as a key dependent vari-
able and is sourced from the China Industrial Yearbook, which reports output and employment
statistics for each CIC 2-digit industrial sectors across provinces. The data aggregate all state-
owned enterprises and private firms with annual sales exceeding 20 million Renminbi (approxi-
mately 7 million U.S. dollars). To maintain consistency with the firm-level analysis, we use data
from 2011 to 2016.

Registry Records of New Firms To complement the analysis of smaller firms, we use the registry
records of newly established enterprises. We calculate the number of new registrations monthly
for each province and CIC-2 digit industry from 2011 to 2019. Additionally, the dataset tracks
the status of micro-small enterprises, defined as firms with registered capital below 10 million
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Renminbi (approximately 1.4 million U.S. dollars), allowing us to specifically examine the entry

dynamics of smaller firms.

4.5.  Summary Statistics

Table 1 provides summary statistics for provincial legal transparency, key dependent variables,
and control variables. The dataset encompasses all 31 province-level regions in mainland China.
Panel A reports judicial transparency across different years. In 2014, the average disclosure rate
was approximately 30%, with Inner Mongolia recording the lowest transparency score of 0.11, and
Shaanxi Province the highest at 0.59. Over time, the disclosure rate steadily increased, reaching
88% in 2019.!> While significant improvements in legal transparency were observed following the
reform, noticeable regional disparities persist.

Panel B summarizes firm-level variables. The initial MRPK is expressed as a dummy vari-
able indicating whether a firm’s average MRPK from 2009 to 2012 is above or below the industry
median. The sample size differs for each variable due to varying patterns of missing data. For
measures of firm borrowing, the sample size is smaller than that for capital because of more lim-
ited data availability.

Panel C reports province-industry level dependent variables. Each year, the sample covers ap-
proximately 41 CIC 2-digit industries, depending on data availability. Labor productivity is calcu-
lated as the ratio of output to employment. Panel D summarizes data on newly registered firms,
while Panel E presents control and instrumental variables. College share refers to the propor-
tion of the population with education beyond the college level, which shows significant variation
across provinces—Beijing has the highest share, while Tibet has the lowest. Similarly, Shanghai
has the highest urbanization rate, while Tibet has the lowest. We also control for the ratio of for-
eign investment to GDP as a proxy for foreign investment. Infrastructure is measured by the road
area per capita (in m?) for each province. Additionally, we account for the judicial independence
reform implemented between 2014 and 2016, as discussed by Liu et al. (20224). When province-by-
year fixed effects are included in the regressions, these variables are absorbed by the fixed effects
and thus are not separately identified. The final variable, an indicator for the central connection of
provincial high court leaders, is defined as 1 if the high court president previously held a position
in the Ministry of Justice, the SPC, or other central government departments. This variable serves

as an instrument for legal transparency, as discussed in Section 5.2.3.

130ur transparency measure may occasionally exceed 1 due to two reasons: (1) a single case may have multiple asso-
ciated documents; (2) courts may disclose cases from previous years. For robustness checks, we also use an alternative
transparency measure based solely on same-year cases.
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Table 1: Summary Statistics

A. Provincial Legal Transparency

Variable Obs. Mean Std. Dev.  Min Max  Median
legal transparency 2014 24 0.287 0.130 0.109  0.591 0.270
legal transparency 2015 31 0.279 0.095 0.121  0.492 0.273
legal transparency 2016 31 0.446 0.173 0.130  1.062 0.453
legal transparency 2017 31 0.698 0.276 0.157  1.508 0.687
legal transparency 2018 31 0.810 0.203 0.360  1.271 0.806
legal transparency 2019 31 0.877 0.315 0489 2351 0.824
B. Firm-level Variables (2011-2016)
log MRPK 773,157 1.482 1.477 -1.483  4.549 1.458
log capital 874,799 8.698 2.187 3.829 12330 8.849
log output 781,947  10.226 1.854 6.052 13.274  10.330
leverage ratio (debt/capital) 826,919 6.731 10.945 0.136  48.782 2.628
log long borrowing 207,833 9.014 2.298 4.605 13.038 9.048
log short borrowing 849,343 9.676 1.923 5420 12902  10.008
log trade borrowing 719,868 8.421 1.966 4205 11.664 8.531
indicator of (09-12 MRPK > median) 1,026,522 0.514 0.500 0 1 1
indicator of public listing status 805,110 0.009 0.093 0 1 0
C. Province by CIC-2 Digit Industry by Year Variables (2011-2016)
log output 6,665 5.303 2.156 -4.605 10393  5.621
log employment 6,467 10.023 1.922 4.605 15.043 10.278
log labor productivity 5,293 -4.631 0.729 -8.142  -0.441  -4.659
D. Province by CIC2-digit Industry by Month Variables (2011-2019)
number of new firm 71,786 78.704  324.089 1 6,567 10
number of new small-micro firms 62,572 40.499 164.238 1 5,055 6
number of new other firms 64,519 48.291 214.355 1 4,303 6

E. Province-by-year Variables (2011-2019)

college share 279 0.135 0.073 0.024  0.505 0.120
urbanization 279 0.574 0.132 0.227  0.896 0.561
FDI share 279 0.004 0.004 0.000  0.017 0.002
road per capita (m?) 279 15.590 4.655 4.04 26.2 15
independence reform 279 0.534 0.500 0 1 1
central connection (2011-2016) 184 0.147 0.355 0 1 0

Notes: Panel A reports summary statistics for legal transparency across different provinces from 2014 to 2019. In 2014, seven provinces
have missing values because the China Law Yearbook and Provincial High Courts Annual Report did not report the total number
of disclosed cases in these regions. Panel B summarizes the manufacturing firms included in the China Tax Survey Data from 2011
to 2016, with each observation at the firm-year level. Marginal revenue product of capital (MRPK) is proxied by Revenue/K, where
K denotes fixed capital. Capital is measured by the fixed capital stock in each year. The total leverage ratio is measured as the ratio
of total debt to fixed capital. Long-term and short-term borrowing are measured by the value of noncurrent and current liabilities,
respectively, while trade borrowing is proxied by accounts payable. A firm classified as ex-ante high MRPK if its average MRPK from
2009 to 2012 is exceeds the median within its CIC-4 digit industry. Panel C summarizes industrial output, employment, and labor
productivity, with each observation at the CIC-2 digit industry-by-province-by-year level. Micro-small firms are defined as those with
registered capital below 10 million RMB. Panel D reports summary statistics for the number of newly established firms at CIC-2 digit
industry by province-by-month level. Panel E summarizes the control variables at the province-by-year level. College share refers
to the proportion of the population with educational attainment beyond the college level. Road per capita is measured as road area
per capita. FDI share refers to the ratio of foreign direct investment to GDP. The rollout of the judicial independence reform during
2014-2016, studied by Liu et al. (2022a), is captured by the independence reform variable. The indicator for the central connection of
provincial high court leaders, is defined as 1 if the high court president previously held a position in the Ministry of Justice, the SPC,
or other central government departments.
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5. Legal Transparency and Capital Misallocation

5.1. Legal Transparency and Capital Allocation

We begin by examining the impact of the legal transparency reform on capital allocation through
the estimation of Equation 11. The primary dependent variables in this analysis are firms” MRPK
and fixed capital. The estimation results are reported in Table 2.

In Panel A, we use the logarithm of MRPK as the dependent variable. Column (1) includes
legal transparency and its interaction with an indicator for high initial MRPK, along with firm
tixed effects. The interaction term is negative and significant, while the coefficient on legal trans-
parency is positive and significant. This suggests that in regions with higher legal transparency,
tirms with initially high MRPK experience a decline in MRPK, whereas firms with initially low
MRPK see an increase. In Columns (2) and (3), we introduce CIC-4 digit industry-by-year fixed
effects and interaction terms between initial firm size and year dummies. The magnitude of the in-
teraction term slightly decreases, while the coefficient on legal transparency increases. Column (4)
adds province-level controls, including urbanization rate, the proportion of the population with
college-level education or higher, the ratio of foreign investment to GDP, road area per capita,
and the rollout of judicial independence reform. The coefficient on legal transparency rises from
0.308 to 0.372, while the interaction term remains largely unchanged. This implies that although
legal transparency correlates with some provincial characteristics, the differential impact on high
versus low MRPK firms is unaffected by these controls. Finally, Column (5) includes province-by-
year fixed effects. The interaction term’s estimate remains consistent with those in Columns (3)
and (4). A 10-percentage-point increase in legal transparency is associated with a 7.87% reduction
in MRPK for firms with initially high MRPK, relative to firms with initially low MRPK.

In Panel B, the dependent variable is the logarithm of fixed capital. Across all specifications,
the estimate on the interaction term remains largely stable. Column (4) reveals that, with provin-
cial controls included, a 10-percentage-point increase in legal transparency leads to a 4.41% in-
crease in capital for firms with initially high MRPK, while firms with initially low MRPK are not
significantly affected. In Column (5), this impact on firms with initially high MRPK (relative to
low MRPK firms) slightly decreases to 4.37%. These results indicate that regions with higher le-
gal transparency allocate more capital to firms with initially high MRPK, thereby reducing MRPK

dispersion within industries.

5.2. Addressing Threats to Identification

In this section, we address potential threats to the validity of our empirical strategy, focusing
on the primary concern of the non-random assignment of lawsuit disclosure rates across firms.
Our identification strategy relies on the assumption that, in the absence of the legal transparency
reform, differences in outcomes between firms with ex-ante high and low MRPK across provinces
with varying levels of legal transparency would have followed parallel trends. Importantly, our
empirical specification does not require average firm outcomes prior to the reform to be entirely
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Table 2: Legal Transparency and Capital Allocation

A. Marginal Revenue Products of Capital (MRPK)

@ @) ®) 4) ©)

Dependent Variable log MRPK
Transparencyc; 0.0744* 0.398*** 0.308*** 0.372%**

(0.040) (0.040) (0.052) (0.053)
Transparencye  ['S™MRPK g o7pe o973 o7oam 0795 0787

(0.033) (0.032) (0.034) (0.034) (0.033)
Firm FE v v v v v
CIC4-by-year FE v v v v
Initial Size;*Years v v v
Provincial controls v
Province-by-year FE v
Observations 773,157 768,625 526,953 526,953 526,951
R? 0.826 0.830 0.828 0.828 0.828

B. Fixed Capital
@ ) ®) 4) ©)

Dependent Variable log K
Transparencyc; -0.165*** -0.000 0.091** 0.018

(0.022) (0.036) (0.039) (0.035)
Transparencye + I} 8 MRPK 0.491%%* 0.498*+* 0.441%+ 0.441%% 0.437*+*

(0.025) (0.025) (0.027) (0.027) (0.027)
Firm FE v v v v v
CIC4-by-year FE v v v v
Initial Size;*Years v v v
Provincial controls v
Province-by-year FE v
Observations 874,799 874,576 585,346 585,346 585,345
R? 0.957 0.957 0.961 0.961 0.961

Notes: This table displays the effects of legal transparency on firms” MRPK and fixed capital. Each observation is at the firm-by-year
level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year. Transparency,; is the fraction of publicly released
cases relative to the total number of closed cases for each province c in year t. I;
firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is
measured by firms’ logged sales in 2011. Provincial-level controls include the urbanization rate, the proportion of the population with
education above the college level, the ratio of foreign direct investment to GDP, road area per capita, and the rollout of the judicial

HighMRPK

is a dummy variable indicating whether

independence reform. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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uncorrelated with post-reform legal transparency. By incorporating province-by-year fixed effects,
we control for all confounding factors at the province-year level. To further support the validity
of this identification strategy, we present several pieces of evidence.

5.2.1. Legal Transparency and Pre-reform Misallocation

First, we test whether pre-reform provincial characteristics related to misallocation can predict
post-reform legal transparency. Post-reform legal transparency is measured as the average dis-
closure rate from 2014 to 2016. As shown in Figure OB2 in the Appendix, the 2014-2016 average
legal transparency is positively correlated with the annual values for each year, indicating that the
average over this period largely reflects overall transparency trends.

We conduct a series of OLS regressions at the provincial level, using the 2014-2016 average
legal transparency as the dependent variable and various provincial characteristics from 2011 to
2013 as independent variables. The results are presented in Table 3. Columns (1) to (7) report
regressions with independent variables representing different market structure measures from
2011 to 2013, including the variance and mean of MRPK, the shares of sales and fixed capital
held by state-owned enterprises (SOEs), the sales shares of the largest 20 firms (concentration
ratio, CR20) and the largest 100 firms (CR100), and the MRPK gap between high- and low-MPRK
firms. Across all columns, the raw correlations between market structure measures and legal
transparency during 2014-2016 are statistically insignificant. This lack of significant association
suggests that the policy was unlikely to have been targeted based on provincial fundamentals
related to market structure.

In contrast, Column (8) examines the post-reform correlation between the legal transparency
and the MRPK gap between ex-ante high and low MRPK firms, both from 2014-2016. The co-
efficient is negative and statistically significant at the 10% level. To graphically illustrate these
tindings, Figure OB3 in the Appendix presents a scatter plot. The left panel displays the MRPK
gap between initially high and low MRPK firms in 2011-2013, while the right panel shows the gap
during 2014-2016, both plotted against the 2014-2016 average legal transparency. The graph indi-
cates no significant correlation before the policy, suggesting the absence of a systematic pre-policy
pattern. However, a notable negative correlation emerges after the policy, indicating that higher
legal transparency is associated with a smaller MRPK gap post-reform.

We also analyze the effect of legal transparency on firms” average MRPK. The results, presented
in Column (1) of Table Bl in the Appendix, show no significant impact, suggesting that the reform
enhances capital allocation efficiency rather than reducing the average cost of capital.!*

5.2.2. Excluding Parallel Pre-existing Trend

To further address concerns over potential pre-policy trends, we implement a triple-difference

event study to evaluate the legal transparency reform’s impact. The first difference is based on

14We also report complementary results on firm output and borrowing, which are discussed in later sections.
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Table 3: Association between Pre-reform Provincial-level Characteristics and Legal Transparency

@ @) ®) @) ®) (6) @) ®)

Dependent Variable Average Disclosure Rate 2014-2016
MRPK Variance -0.0333
(0.0638)
MRPK Mean 0.0460
(0.0527)
SOE Sales share -0.164
(0.116)
SOE Capital share -0.138
(0.110)
CR 20 -0.133
(0.125)
CR 100 -0.128
(0.117)
AMRPK -0.0674
(0.141)
AMRPK post -0.159*
(0.0883)
Observations 31 31 31 31 31 31 31 31
R? 0.009 0.026 0.064 0.051 0.038 0.040 0.008 0.101

Notes: This table displays the association between legal transparency with various provincial fundamentals related to firm market
structure prior to the reform. Each observation represents a province. The independent variables in Columns (1) to (7) are the average
of different aspects of market structure from 2011 to 2013, including the variance and mean value of MRPK, the share of sales and
fixed capital by state-owned enterprises (SOEs), the share of total sales by the largest twenty firms (Concentration Ratio 20, CR 20) and
the largest one hundred firms (CR 100), and the MRPK gap between ex-ante high and low MRPK firms (AMRPK). In Column (8), the
independent variable is the MRPK gap between ex-ante high and low MRPK firms during 2014 to 2016. *** p<0.01, ** p<0.05, * p<0.1.

firms’ initial MRPK, represented by a dummy variable indicating whether a firm’s MRPK exceeds
the median within its CIC-4 digit industry. The second difference captures the intensity of provin-
cial legal transparency reform, using a treatment dummy variable, treat., for each province c,
which equals 1 if province c’s average legal transparency during 2014-2016 exceeds the national
average.”® The third difference involves a temporal comparison, contrasting firm outcomes in the
post-policy period (2014-2016) with those in the pre-policy period (2011-2013).

To ensure consistency with the construction of the treatment variable, we calculate firm-level
averages of log capital (log K) and log MRPK as the dependent variables over the 2014-2016 pe-

riod. The empirical specification is as follows:

HighMRPK HighMRPK
Yicjr = Z BsTreat. * I, '8 x(T=3s)+ Z Gsl; '8 x(T=5) (12)
s=—2,—1,post s=—2,—1,post

+Xi x g(T) + & + Yot + Oz + €icjr, T = —2,—1, post

Here, T denotes the relative time from policy implementation, with 2013 set as the baseline year.

15The results remain robust when the treatment dummy is defined based on whether a province’s average legal
transparency exceeds the national median.
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Specifically, T = —2 and T = —1 correspond to 2011 and 2012, while T = post represents the aver-
age value from 2014 to 2016. Treat. is a dummy variable indicating whether the legal transparency
of province ¢ during 2014-2016 exceeded the national average. By incorporating separate trends
for firms with initially high and low MRPK, as well as for provinces with high and low legal
transparency (captured by the province-by-year fixed effects, ), the coefficients on the three-
way interaction terms, f_» and B_1, capture potential pre-reform trends, while B,s: measures the
impact of the reform. Other settings follow those outlined in Equation 11. The results are reported
in Table 4.

Table 4: Legal Transparency and Capital Allocation: A Triple-Difference Estimation

@ @ ®) )
Dependent Variables log MRPK log K
Treat  I'$"™MRPK 4 o011, -0.004 0.004 0.007 -0.007
' (0.016) (0.017) (0.010) (0.010)
Treat,  I1$"™MRPK o012, -0.003 0.004 0.010 -0.006
' (0.013) (0.014) (0.008) (0.008)
Treat, I $"™MRPK  post; -0.045 -0.053 0.079%%* 0.080%*
(0.018) (0.019) (0.012) (0.013)
Firm FE v v v v
CIC4-Year FE v v v v
IinghMRPK*Years v v v v
Province-Year FE v v v v
Initial Firm Size*Years v v
Observations 704,951 498,612 787,641 550,075
R2 0.846 0.840 0.963 0.965

Notes: This table displays the effects of legal transparency on firms” MRPK and fixed capital using a triple-difference model. Each
observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year. Treat, is

a dummy variable indicating whether province ¢’s average legal transparency during 2014-2016 is above the national mean. 2011,

2012, and post; represent the years 2011, 2012, and the 2014-2016 average, respectively. Il.H ISMRPK 45 a dummy variable indicating

whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial
Size; is measured by firms’ logged sales in 2011. Standard errors are clustered at the CIC-4 digit industry level. *** p<0.01, ** p<0.05,
*p<0.1.

Columns (1) and (2) use log MRPK as the dependent variable. In Column (1), the estimates
for B_, and B_ are both close to zero and statistically insignificant, while the estimate for ﬁposf
is negative and statistically significant. This indicates that post-policy legal transparency does
not significantly affect the pre-policy difference in log MRPK between firms with initially high
and low MRPK. However, after 2014, legal transparency significantly reduces log MRPK for firms
with high initial MRPK relative to those with low initial MRPK. In Column (2), adding interaction
terms between firms’ initial size and year dummies yields similar point estimates. The results
indicate that after the reform, the difference in log MRPK between high- and low-MRPK firms
is 5.3% lower in regions with high legal transparency compared to those with lower legal trans-
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parency. Columns (3) and (4) use log fixed capital as the dependent variable. The results show
that post-reform, the difference in fixed capital between firms with initially high and low MRPK is
8.0% higher in regions with high legal transparency than in regions with lower legal transparency.
These findings align with the benchmark results in Table 2, further confirming the parallel trends
between high- and low-MRPK firms before the reform.

5.2.3. An Instrumental Variable Approach

This section adopts an alternative approach to help identify the causal impact of legal trans-
parency on capital allocation, leveraging variation in disclosure rates driven by the political moti-
vations of provincial high court leaders to comply with the legal transparency reform.

The legal transparency reform was strongly advocated by Zhou Qiang, the then-President of
the SPC. Zhou had previously served in the Ministry of Justice until 1995, and after leaving his role
as a department director, transitioned to the Communist Youth League, and later held leadership
positions in Hunan province. In 2013, he returned to the judiciary as President of the SPC. Judicial
transparency reform was one of his key initiatives upon taking office.

Given this context, it is reasonable to infer that high court leaders with extensive experience
in the Ministry of Justice, the SPC, or other central government bodies would have stronger con-
nections to central authorities and be less dependent on Zhou Qiang for promotion. In contrast,
court leaders without such connections could view Zhou’s forceful reform as an opportunity to
demonstrate their performance and gain favor. For instance, Yan Qingwen, the former leader of
the Shaanxi Province High Court, had no prior experience working with the central government.
He explicitly mandated a 100% disclosure rate for courts in Shaanxi Province and actively encour-
aged lower courts leaders to monitor progress. Additionally, he introduced a monthly ranking
system based on disclosure performance, holding lower court leaders accountable if their per-
formance ranked in the bottom ten in the province.!® As a result, the disclosure rate in Shaanxi
province reached 59% in 2014, ranking first among all provinces with available data that year, and
turther rose to 97% in 2018.

On the other hand, a high court leader’s central work experience is unlikely to correlate with
economic variables, as judicial departments typically do not play a direct role in economic poli-
cymaking or development. Therefore, the variation in disclosure rates driven by political motiva-
tions provides a suitable source of exogenous variation for identifying the causal impact of legal
transparency on capital allocation.

Therefore, we construct an indicator variable based on the work history of high court leaders in
each province and year. The variable Central,; = 1 if the high court president has prior experience
working in the Ministry of Justice, the SPC, or other central government departmen’cs;17 otherwise,

16See a report from https://www. chinacourt.org/article/detail/2014/08/id/1426709.shtml (in Chinese). Last
accessed: June 24, 2025.

7The IV estimation remains robust when central experience is defined solely as experience in the Ministry of Justice
and SPC, or when it includes other judicial branches, such as the procuratorate and public security systems.
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Centraly = 0. We use the interaction term between Central,; = 1 and the post-2014 dummy as an
instrument for legal transparency in the IV regression.

Table 5 displays the results. Column (1) reports the first-stage regression outcomes. The esti-
mated coefficient is negative and significant, indicating that, all else equal, provinces where high
court leaders have central government experience exhibit a disclosure rate approximately 0.11
lower than provinces where high court leader lacks such experience. This negative association
supports the hypothesis that local legal cadres without central connections have stronger incen-
tives to comply with the judicial transparency mandate, aiming to gain recognition from the SPC
leadership, particularly Zhou Qiang. The F statistic is 287.88, effectively ruling out concerns about
weak instruments.

Columns (2) to (3) focus on the outcome of log MRPK. Column (2) shows the reduced-form
estimation of the interaction term between central connections and the dummy for initially high
MRPK on log MRPK. The results suggest that provinces where high court leaders have central
connections experience a reduction in MRPK for firms with ex-ante high MRPK relative to firms
with ex-ante low MRPK. Column (3) presents the second stage IV regression results, which are
consistent with the benchmark findings in Table 2, though with slightly larger magnitude (0.855
compared to 0.787).

Columns (4) and (5) present results using log fixed capital as the dependent variable. Column
(4) reports the reduced-form estimation, showing that in provinces where the high court leaders
have central connections, firms with ex-ante high MRPK experience an increase in fixed capital.
Column (5) presents the second-stage IV results, which are consistent with the benchmark es-
timates, with the coefficient magnitude closely matching the benchmark results in Table 2 (0.465
compared to 0.437). These findings indicate that higher legal transparency leads to a significant in-
crease in fixed capital for firms with initially high MRPK relative to firms with ex-ante low MRPK,
thereby improving capital allocation. Furthermore, the OLS and IV estimates are quantitatively
similar, suggesting that endogeneity does not pose a concern in this context.

5.3. Alternative Measures on Legal Information Availability

In addition to our baseline measure, which captures overall legal transparency, we construct
two alternative measures that focus on specific informational aspects: (1) the disclosure rate of
contract dispute cases, which are directly relevant to business activities; and (2) the legal trans-
parency augmented by the richness of judgment information, measured by the average length of
the reasoning section in disclosed judgment documents.

Contract Disputes Disclosures First, we focus on contract dispute cases and construct two in-
dicators. The first measure is the total number of publicly disclosed contract dispute cases, nor-
malized by the number of above-scale industrial firms. The second measure further refines this by
counting only contract dispute cases that involve at least one firm as a defendant, again normal-

ized by the number of above-scale industrial firms. These measures aim to capture the accessibility
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Table 5: Legal Transparency and Capital Allocation: An Instrumental Variable Estimation

1) 2) 3) 4) @)
Dependent Variables Transg; log MRPK log K
First Stage OLS v OLS I\Y%
Centraly;  Post?014 -0.108***
‘ (0.003)
Centraly; + Post?014 5 [1EMMRPK -0.313** 0.0904*+
‘ (0.0329) (0.0184)
Transe;  IS"MRPK -0.850*+* 0.462%+*
(0.035) (0.028)
Firm FE v v v ve v
CIC4-Year FE v v v v v
Initial Firm Size*Years v v v ve v
Province-Year FE v v v v
F-statistics 287.88
R? 0.933 0.826 0.828 0.961 0.961
Observations 592,134 534,309 531,006 593,339 589,733

Notes: This table displays the effects of legal transparency on firms’ MRPK and fixed capital in an instrumental variable estimation.
Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year. Centrale;
is a binary indicator that equals 1 if the leader of the provincial high court has prior work experience in the Ministry of Justice, the

SPC, or other central government departments, and 0 otherwise. Transparencyc; is the fraction of publicly released cases relative to

the total number of closed cases for each province ¢ in year ¢. Il.HighMRPK is a dummy variable indicating whether firm i’s pre-reform

average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is measured by firms’
logged sales in 2011. Column (1) shows the first stage regression. Columns (2) and (4) are reduced-form estimations. Columns (3) and
(5) show the second stage estimations. Standard errors are clustered at CIC-4 digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

and relevance of legal information most directly affecting business entities. The results, presented
in Panel A and B in Appendix Table B2, show that the effects of contract dispute transparency are
consistent with those obtained using the benchmark measure of legal transparency.'®

Legal Transparency Augmented by Information Richness Another important dimension of in-
formation is its richness—specifically, the level of detail contained in disclosed judicial documents
regarding firm misconduct. We measure this by the average length of the reasoning section in
judgment documents, calculated at the province-year level. Longer reasoning sections provide
more comprehensive justifications and factual narratives, which help external parties better assess
tirm-specific risks and characteristics. In Panel C of Table B2, we replace the benchmark measure
of legal transparency with legal transparency augmented by the average word count of reasoning
sections. The results are consistent with the baseline findings.

18We also report complementary results on firm output and borrowing, which are consistent with the baseline results
discussed in later sections.
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5.4. Alternative Concerns and Additional Robustness Checks

Civil Cases We begin by addressing concerns related to the measurement of legal transparency.
One potential issue is that different types of cases—such as civil, criminal, and administrative
cases—may disclose varying information and have different impacts on capital reallocation across
firms. Since most economic cases are civil cases, we construct a disclosure rate specifically for civil
cases. By replacing the total disclosure rate with the civil case disclosure rate in our benchmark
estimation, we find that the results, shown in Table OC1 in the Appendix, remain qualitatively

consistent with our baseline estimations.

Cases Closed in the Same Year Another concern is that the cases disclosed each year may in-
clude those closed in the same year as well as in prior years. To address this, we construct a
disclosure rate based only on cases closed in the same year as our measure of legal transparency.
The results, presented in Table OC2 in the Appendix, are also consistent with our main findings.

Prefectural City- and County-level Transparency Although most of the variation in legal trans-
parency occurs at the provincial level, we also test the robustness of our results using prefectural
city- and county-level disclosure rates. The data on the number of closed cases at this level, pro-
vided to us by the SPC for research purposes, is available starting from 2015. Therefore, for years
prior to 2014 and for missing values after 2015,' we use the province-level disclosure rate instead.
The results, presented in Table OC3 and Table OC4 in the Appendix, show minimal changes from
our benchmark estimation, further confirming the appropriateness of conducting our analysis at
the provincial level.

Alternative Denominator We replace the denominator of legal transparency with the total num-
ber of above-scale industrial firms or GDP at the province-year level. The results remain highly

robust as shown in Appendix Table OC5.

Excluding Large Firms Another concern is that large firms may be less likely to have their litiga-
tion information disclosed, potentially due to local governments” incentives to withhold negative
information about prominent firms or the influence large firms may exert to keep their lawsuits
private. However, this concern is not substantial for two reasons.

First, as shown in Section 5.2, legal transparency from 2014 to 2016 is not significantly cor-
related with provinces” market structure or concentration ratios before the policy (2011-2013),
suggesting that selective disclosure based on firm size is unlikely.

Second, to directly address this concern, we conduct a robustness check by running regressions
on a subsample that excludes large firms. We identify large firms using eight criteria: within each
CIC 2-digit industry and at the county, city, and provincial levels, we exclude the top 5% of firms

1915.7% and 23.0% of firm-year level observations have missing values for prefecture- and county-level transparency
measures, respectively.
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based on annual sales and employment within each unit of observation. The results, shown in
Appendix Table OC6, indicate that all findings are robust, further confirming that market power

and local market structure are unlikely to bias our analysis.

Accounting for Heterogeneus Impact of Concurrent Judicial Reform We also expand our anal-
ysis to allow the judicial independence reform to have a heterogeneous impact based on firms’
initial MRPK. The results are shown in Table OC7. The primary findings regarding the reduction
in capital misallocation in response to legal transparency remain largely unchanged.

Alternative Way to Construct High MRPK Dummy Finally, we replace the dummy for high
initial MRPK (2009-2012) with one constructed using 2011 firm-level data. The results, shown
in Table OC8, demonstrate that our findings are robust across different measures of legal trans-

parency.

6. Legal Transparency and Output

Legal Transparency and Firm-Level Output Since the legal transparency reform enhances cap-
ital allocation efficiency, we expect it to contribute to output growth. To test this, we estimate
Equation 11 using firm-level log output as the dependent variable. The results, shown in the first
column of Table 6, indicate that a 10-percentage-point increase in legal transparency leads to a
2.36% increase in output for firms with initially high MRPK relative to firms with initially low
MRPK. This finding implies the greater benefits of the reform for firms with higher initial MRPK,

consistent with its role in enhancing resource allocation efficiency.

Legal Transparency and Industry-Level Output Next, we examine the impact of the legal trans-
parency reform on industry-level outcomes. The main empirical setting at the industry level is as
follows.

Yejt = B x transparencycr + UZet + aj + dj + €t (13)

where ¢, j, and t represent province, CIC-2 digit industry, and year, respectively. The dependent
variable yj; includes industrial output, employment, labor productivity, and number of new en-
trants, all in logarithm form. The variable transparency.; represents the judicial transparency, and
Z denotes province-year level control variables. Additionally, we include province-industry and
industry-year fixed effects. Standard errors are clustered at the industry level.

Columns (2) to (7) in Table 6 display the regression results. Columns (2) and (3) use log output
as the dependent variable. In Column (2), the coefficient on legal transparency is positive and
statistically significant, indicating that a 10-percentage-point increase in judicial transparency is
associated with a 1.74% increase in industrial output. Column (3) includes control variables, with
the estimate remaining largely unchanged. In Columns (4) and (5), we use log employment in the

industrial sector as the dependent variable. The results show that a 10-percentage-point increase
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in judicial transparency corresponds to a 0.64% increase in employment, although the effect is
weaker than that on output. This finding is consistent with expectations, given the migration
constraints imposed by China’s Hukou system. Consequently, the observed increase in output is
primarily driven by labor productivity (i.e., output per worker), as shown in Columns (6) and (7).

Table 6: Legal Transparency and Industrial Output

) )] ®) () ©) (6) @)
Firm Province-by-CIC 2 digit Industry
Dependent Variables  log output log output log employment log labor productivity
Transer + I S"MRPK 0 0360
(0.036)
Transc; 0.174**  0.184**  0.066*  0.064*  0.125*** 0.149***
(0.055)  (0.054) (0.034) (0.032)  (0.034) (0.034)
Firm FE v
Initial Size;*Years v
CIC4-year FE v
Province-year FE v
Provine-CIC2 FE v v v v v v
CIC2-year FE v v v v v v
Provincial Controls v v v
Observations 512,737 6,382 6,382 6,181 6,181 5,012 5,012
R? 0.901 0.981 0.983 0982  0.983 0.927 0.928

Notes: This table displays the impact of legal transparency on industrial output. Each observation is at the firm by year level in Column

(1), and at province by CIC2-digit industry by year level in Columns (3) to (7). Transparency; is the fraction of publicly released cases

relative to the total number of closed cases for each province c in year t. I].H ISHMRPK s 2 dummy variable indicating whether firm i’s

pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; include firms’
sales and MRPK (both in log) in 2011. Provincial-level controls in Columns (2) to (7) include the urbanization rate, the proportion of
the population with education above the college level, the ratio of foreign investment to GDP, road area per capita, and the rollout of
the judicial independence reform. Standard errors are clustered at CIC-4 digit industry level in Column (1), and at CIC-2 digit level in
Columns (2) to (7). *** p<0.01, ** p<0.05, * p<0.1.

Legal Transparency and Firm Entry The industrial aggregate output is calculated by summing
the output of firms with annual sales exceeding 20 million Renminbi, thereby excluding small
firms. To complement our analysis, we specifically examine the impact of legal transparency on
the number of new firms, with a particular focus on small firms. We estimate Equation 13 using
the logarithm of the number of new firms as the dependent variable. Table 7 presents the results.
In Column (1), the dependent variable is the log total number of new industrial firms in each
industry and province by month. The findings indicate that a 10-percentage-point increase in ju-
dicial transparency is associated with a 1.36% increase in the total number of new industrial firms.
In Columns (2) and (3), we distinguish between micro-small firms and other firms, finding similar
magnitudes for both categories. These results are consistent with the notion that improved capital
allocation enhances effective productivity under higher legal transparency. As potential entrants
weigh their decision to enter the market, the expectation of increased effective productivity en-

courages more firms to enter.
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Table 7: Legal Transparency and Firm Entry

@) @) ®)
Dependent Variables log Total Number log Number of Small-Micro Firms  log Number of Other Firms

Transg; 0.136*** 0.141*** 0.149***
(0.027) (0.023) (0.028)
Province-CIC2 FE v v v
CIC2-Time FE v v v
Provincial Controls v v N
Observations 71,786 62,572 64,519
R? 0.915 0.902 0.878

Notes: This table displays the impact of legal transparency on the entry of new firms. Each observation is at province by CIC-2digit
industry by year-month level. Transparency,; is the fraction of publicly released cases relative to the total number of closed cases for
each province c in year ¢t. Small-micro firms indicate those with registered capital lower than 10 million Renminbi. Provincial-level
controls include the urbanization rate, the proportion of the population with education above the college level, the ratio of foreign
investment to GDP, road area per capita, and the rollout of the judicial independence reform. Standard errors are clustered at CIC-2
digit level. *** p<0.01, ** p<0.05, * p<0.1.

7. Mechanism Analysis

How do firms with initially high MRPK obtain relatively more capital following the legal
transparency reform? To shed light on the underlying mechanism, we directly examine firms’
borrowing behavior. First, we test whether firms with high initial MRPK secure more debt fi-
nancing after the reform. Second, we provide direct evidence on the impact of legal disputes by
showing that firms” borrowing declines following involvement in lawsuits. Third, we demon-
strate that judicial fairness shows minimal sensitivity to legal transparency, mitigating concerns
that transparency could shape economic results by improving judicial fairness. Finally, we explore
heterogeneity along three key dimensions, including public listing status, contract intensity, and

ownership structure, in order to further substantiate the proposed channel.

7.1.  Legal Transparency and Firm Borrowing

Since most firms primarily rely on debt financing in China, we first examine the reform’s im-
pact on firm borrowing. We estimate Equation 11 with multiple measures of firm borrowing as
dependent variables, including the total leverage ratio, log long-term borrowing, log short-term
borrowing, and log trade credit borrowing. Details on the construction of these variables are pro-
vided in Section 4. The regression results are presented in Table 8.

Column (1) uses the leverage ratio, defined as the ratio of total debt to total fixed capital, as the
dependent variable. The results show that a 10-percentage point-increase in legal transparency is
associated with a 10.51-percentage-point relative increase in the total leverage ratio for firms with
initially high MRPK compared to those with initially low MRPK. Column (2) examines the effect
on the logarithm of firms’ total borrowing, showing that a 10-percentage-point increase in legal
transparency corresponds to a 1.59% relative increase in total debt for firms with initially high
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MRPK. Columns (3) and (5) present results for short-term and long-term debt, while Column
(4) focuses on trade credit from suppliers, which is considered a component of short-term debt.?’
Specifically, a 10-percentage-point increase in legal transparency is associated with a 1.21%, 0.96%,
and 3.05% relative increase in short-term debt, trade credit, and long-term debt, respectively, for
firms with initially high MRPK.

It is important to note that our dataset has a significantly smaller sample size for firms with
long-term debt information.?! The last two columns present the responses for total and short-term
debt using a subsample that excludes firms with missing long-term debt information. Overall,
these results suggest that increased legal transparency is associated with higher borrowing levels,
particularly benefiting firms with initially high MRPK. Moreover, the response in long-term debt is
more pronounced than in short-term debt, consistent with the corporate finance literature, which

posits that long-term debt is more sensitive to information than short-term debt.

Table 8: Legal Transparency and Firm Borrowing

@ 2) 3 4 ®) (6) @)
subsample with long-term debt data
Dependent Variables Leverage Total Short Trade Long Total Short
ratio borrow  borrow  borrow  borrow  borrow borrow
Transe + IS™MEPK 105100 01500 01217 0.096** 0305  0.101% 0.050
(0.193) (0.018) (0.019) (0.027) (0.072) (0.026) (0.035)

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 560,106 574,029 573,082 498,710 155,770 155,658 154,909
R? 0.806 0.948 0.944 0.895 0.899 0.968 0.956

Notes: This table displays the effects of legal transparency on firms’ borrowing. Each observation is at the firm-by-year level. The total
leverage ratio is measured as the ratio of total debt to fixed capital. Long-term and short-term borrowing correspond to noncurrent

and current liabilities, respectively, while trade borrowing is measured by accounts payable. Transparency.; is the fraction of publicly

. . . HighMRPK . . T
released cases relative to the total number of closed cases for each province c in year £. I; ¢ is a dummy variable indicating

whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial
Size; is measured by firms’ logged sales in 2011. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, *
p<0.1.

7.2.  Lawsuit Involvement and Subsequent Borrowing

To further illustrate the mechanism, we provide direct evidence on how the disclosure of law-
suit information affects the borrowing practice of defendant firms. As shown in Table B3 in the
Appendix, our results support the hypothesis that lawsuit information significantly influences

20In developing countries like China, firms with limited access to banks loans often finance some of their operations
through trade credit, borrowing from suppliers who may have better access to bank financing (Cun et al., 2022).

211t is unclear whether missing values in long-term debt represent zero or simply unreported figures. When treating
missing values in long-term debt as zero and regressing log(1 + long-term debt) on legal transparency, the resulting
point estimate remain similar to that in Column (5).
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borrowing decisions. Specifically, we find that a one-percentage-point increase in the lawsuit
value (as a percentage of the firm’s annual sales) is associated with an 11.2% reduction in total
debt for firms as defendants. Additionally, firms with initially lower MRPK are more likely to be
sued (see Appendix Table B4), suggesting that increased disclosure of lawsuit information facili-
tates the reallocation of capital from lower MRPK firms to higher MRPK firms.

7.3.  Responses of Judicial Fairness

Improvements in legal transparency could potentially lead to enhancements in judgment fair-
ness (quality), as judges face greater public scrutiny. Such improvements in judicial fairness may
benefit firms by fostering public trust and enhancing legal professionalism. This could potentially
confound the effect of transparency through increased information availability. To explore this
possibility, we examine whether legal transparency affects the rate of second-instance appeals—
the proportion of cases appealed to a higher court after the initial judgment—which serves as an
indicator of judicial fairness. Results in Appendix Table B5 show minimal evidence that the rate
of second-instance appeals changes significantly following improvements in lawsuit information
transparency, suggesting that the effects are likely driven primarily by increased information dis-
closure.

7.4.  Heterogeneity by Public Listing Status

To further examine the underlying mechanism, we analyze heterogeneity along three closely
related dimensions. If transparency indeed improves credit allocation by reducing information
asymmetries, its effects should be more pronounced for firms or industries where financing deci-
sions are especially sensitive to information. Firstly, we investigate whether the legal transparency
reform has a differential impact based on a firm’s public listing status. Under the Securities Law
of China, publicly listed firms are required to disclose material legal information. Thus, even be-
fore the 2013 reform, listed firms were already partially transparent about their legal risks. We
therefore hypothesize that the reform’s effect would be weaker for publicly listed firms compared
to non-listed firms. To test this hypothesis, we merge the tax survey data with the China Listed
Firms dataset. In our sample, approximately 1% of firms are publicly listed.

The empirical specification for this test is,

HighMRPK HighMRPK Public
i

Yiejt = P1 * transparencyc * I + B2 *x transparencyc * I; (14)

+Bs * transparencyc * ITC + X; # g(t) + a4+ et + 6jt + €icjr,

where [P is a dummy variable indicating whether firm i is publicly listed. The key coefficient
of interest, 5, captures the differential impact of the legal transparency reform on publicly listed
firms with high initial MRPK compared to their non-listed counterparts. The results are presented
in Table 9.
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Columns (1) and (2) report the results for log MRPK as the dependent variable. The coefficient
estimate for 8, representing the interaction between legal transparency, the high MRPK dummy,
and the public listing dummy, is positive but not statistically significant. In Columns (3) and (4),
where log fixed capital is the dependent variable, the coefficient for 3, is negative and statistically
significant at the 10% level in Column (4) with controls. This suggests that the effect of legal
transparency on fixed capital is weaker for publicly listed firms compared to non-listed firms.
Specifically, a 10-percentage-point increase in legal transparency results in a 4.4% increase in fixed
capital for non-listed high MRPK firms, whereas the corresponding increase for listed firms is only
0.6% (4.42% - 3.82%).

Table 9: Legal Transparency and Capital Allocation: Heterogeneity based on Public Listing Status

) @ ) )

Dependent Variables log MRPK log K
Transe « I8 "MRPK -0.837%%* -0.790%* 0.439* 0.442%+

(0.0317) (0.0326) (0.0268) (0.0273)
Transe * I, 8™ s public; 0.226 0.221 -0.319 -0.382*

(0.226) (0.253) (0.197) (0.207)
Transe * public; -0.127 -0.073 0.081 0.171*

(0.103) (0.123) (0.079) (0.088)
Firm FE v v v v
Initial Size;*Years v v
CIC4-Year FE v v v v
Province-Year FE v v v v
Observations 599,157 526,951 670,791 585,345
R? 0.828 0.828 0.960 0.961

Notes: This table displays the heterogeneous effects of legal transparency on firms’ MRPK and fixed capital based on a firm’s public
listing status. Each observation is at the firm-by-year level. public; is an indicator for firms’ public listing status. MRPK is measured

using Revenue/Capital. K is the fixed capital in each year. Transparency,; is the fraction of publicly released cases relative to the total

. . HighMRPK . S o
number of closed cases for each province c in year . I; 4 is a dummy variable indicating whether firm i’s pre-reform average

MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is measured by firms’ logged
sales in 2011. Standard errors are clustered at CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

These findings further boost confidence in the identification of our analysis. The differential
impact on listed versus non-listed firms reinforces the argument that the primary mechanism of
the legal transparency reform is the reduction of information asymmetry. The relatively stronger
impact on non-listed firms, who previously were not subject to the same disclosure requirements,
highlights how the reform increased transparency and influenced capital allocation primarily by

addressing gaps in publicly available information.
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7.5.  Heterogeneity by Industry-Level Contract Intensity

Another factor that may influence the heterogeneous impact of legal transparency across firms
is their reliance on formal contracts. In industries where contracting plays a more critical role, the
effects of judicial information disclosure are expected to be stronger. To test this hypothesis, we use
the industry-level contract intensity constructed by Nunn (2007) to investigate whether industries
with higher contract intensity are more responsive to legal transparency. This strategy is akin
to the approach used by Rajan and Zingales (1995), who examined how financial development

affects growth. The main specification at the firm level is:

HighMRPK HighMRPK
Yiejt = P1 * transparencyct * I 8 + B2 * transparency; * I; 1ghMRPK contract;  (15)

+B3 * transparencyc; * contract; + X; x g(t) + &; + Vet + Ojr + €icjt,

where contract; represents the contract intensity of industry j.

The results are presented in Table 10. Columns (1) and (2) use the logarithm of MRPK as the
dependent variable. It shows that for firms with initially high MRPK, increased legal transparency
has a stronger effect on reducing MRPK in industries with higher contract intensity. Specifically,
in industries with median contract intensity (0.51), a 10-percentage-point increase in legal trans-
parency leads to a 7.87% (6.32+0.51*3.04) reduction in MRPK for firms with initially high MRPK,
compared to a 6.32% reduction in industries with no contract dependence. In Column (2), after in-
corporating differential trends by initial firm size, the results remain largely consistent. Columns
(3) and (4) present the results for log fixed capital. Column (3) shows that industry-level con-
tract intensity significantly affects the response of fixed capital to the legal transparency reform
for firms with initially high MRPK. Specifically, in industries with median contract intensity, a
10-percentage-point increase in legal transparency results in a 4.46% (2.48+0.51*3.89) increase in
fixed capital for firms with initially high MRPK, compared to a 2.48% increase in industries with
zero contract intensity. Column (4) provides similar results.

We also estimate industry-level regressions for aggregate outcomes, incorporating contract
intensity:

Yejt = B transparencyc * contract; + acj + Yer + it + €cjt, (16)

where yj; denotes the dependent variables of interest, including industrial output, employment,
and labor productivity, all in logarithmic form.

Table 11 reports the regression results. In Column (1), the estimate of legal transparency is
not statistically different from zero, indicating minimal response in industries with zero contract
intensity to improvements in legal transparency. However, the estimate of p is positive, statisti-
cally significant, and economically meaningful. Specifically, in an industry with a median con-
tract intensity of 0.51, a 10-percentage-point increase in legal transparency corresponds to a 1.76%
(0.345*0.51) increase in industrial output relative to an industry with zero contract dependence.
In Column (2), after including province-by-year fixed effects, the estimate on the interaction term
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Table 10: Legal Transparency and Capital Allocation: Heterogeneity based on Contract Intensity

@ @ ©) 4)

Dependent Variables log MRPK log K
Trans + I} 8" MRPK -0.632+%* -0.633** 0.248** 0.250%*

(0.0815) (0.0790) (0.0647) (0.0641)
Trans;  I;S"MRPX « Contract; -0.304%* -0.306** 0.389*+ 0.396*+*

(0.137) (0.134) (0.110) (0.111)
Trans.; * Contmctj -0.0737 -0.0845 -0.0792 -0.103

(0.242) (0.242) (0.142) (0.141)
Firm FE v v v v
Initial Size;*Years v v
CIC4-Year FE v v v v
Province-Year FE v v v v
Observations 477,128 472,988 527,223 522,668
R? 0.815 0.815 0.960 0.960

Notes: This table displays the heterogeneous effects of legal transparency on firms” MRPK and fixed capital based on the contract in-
tensity of each industry. Each observation is at the firm-by-year level. Contract; represents the contract dependence of each CIC-2 digit

industry j, as defined by Nunn (2007). MRPK is measured using Revenue/Capital. K is the fixed capital in each year. Transparency,; is

the fraction of publicly released cases relative to the total number of closed cases for each province c in year ¢. IiHighMRPK is a dummy

variable indicating whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4
digit industry. Initial Size; is measured by firms’ logged sales in 2011. All regressions include firm and CIC-4 digit industry-by-year
fixed effects. Standard errors are clustered at CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

remains quantitatively similar. Columns (3) and (4) show that the interaction between legal trans-
parency and contract intensity has a positive and statistically significant effect on employment,
suggesting labor reallocation toward industries with higher contract dependence as legal trans-
parency improves. When labor productivity is used as the dependent variable in Columns (5) and

(6), we find consistently positive and significant coefficients on the interaction term.

7.6.  Heterogeneity by Firm Ownership

In China, firms with different ownership types face significantly different levels of credit con-
straints (Bai, Lu and Tian, 2018), even within the same narrowly defined industries. In this sub-
section, we examine how the impact of legal transparency on capital allocation varies across firms
with different ownership structures. Table 12 reports the results of estimating Equation 11 sepa-
rately for state-owned, foreign/Hong Kong/Macau/Taiwan (HMT), and private firms. Columns
(1) to (3) present the results using log MRPK as the dependent variable. The coefficients on the
interaction term between legal transparency and the high MRPK dummy are -0.714, -0.682, and
-0.827 for state-owned, foreign/HMT, and private firms, respectively. For comparison, the pooled
sample estimate in Table 2 is -0.787. These results suggest that the effect of legal transparency
on MRPK for firms with initially high MRPK is slightly stronger for private firms than for state-
owned and foreign/HMT firms. Columns (4) to (6) present similar findings when the dependent
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Table 11: Legal Transparency and Industrial Output: Heterogeneity based on Contract Intensity

) @) ®) ) ©) (6)

Dependent Variables log output log employment  log labor productivity
Trans 0.076 -0.135** -0.053
(0.084) (0.064) (0.069)

Transe; + Contract; 0.345%  0.372*  0.367*** 0367*** 0.398** 0410
(0.188) (0.181) (0.119)  (0.119)  (0.123) (0.123)

Province-CIC2 FE v v v v v v
CIC2-Year FE v v v v v N
Provincial controls v v v
Province-Year FE v v v
Observations 4,754 4,754 4,711 4,711 3,845 3,845
R? 0.984 0.987 0.984 0.987 0.937 0.946

Notes: This table displays the heterogeneous impact of legal transparency on industrial output based on the industry-level contract
intensity. Each observation is at province by CIC-2 digit industry by year level. Contract; represents the contract dependence of each
CIC-2 digit industry j, as defined by Nunn (2007). Transparency,; is the fraction of publicly released cases relative to the total number
of closed cases for each province ¢ in year t. Provincial-level controls include the urbanization rate, the proportion of the population
with education above the college level, the ratio of foreign investment to GDP, road area per capita, and the rollout of the judicial
independence reform. Standard errors are clustered at CIC-2 digit level. *** p<0.01, ** p<0.05, * p<0.1.

variable is log fixed capital. Specifically, a 10-percentage-point increase in legal transparency is
associated with a 5.0% increase in fixed capital for private firms with initially high MRPK. This
effect is weaker for state-owned (3.38%) and foreign/HMT firms (2.98%).

To assess the statistical significance of these differential impacts, we also estimate a model that
includes interaction terms between legal transparency, the dummy for initially high MRPK, and
ownership dummies. The results are presented in Columns (7) and (8) of Table 12. For private
firms, a 10-percentage-point increase in legal transparency is associated with an 8.26% reduction
in MRPK and a 4.95% increase in fixed capital. The impact on MRPK is slightly weaker (and sta-
tistically insignificant) for state-owned firms and 1.48 percentage points weaker (and significant)
for foreign/HMT firms. Similarly, the effect on capital is significantly weaker by 1.52 percentage

points for state-owned firms and 1.85 percentage points for foreign/HMT firms.

8. Conclusion

This paper investigates how transparency in lawsuit information influences capital allocation
and aggregate industrial output, using China’s 2014 judicial transparency reform as a natural
experiment. We show that greater transparency enhances access to firm-level legal information,
enabling credit markets to better differentiate between firms based on their underlying fundamen-
tals. Firms with higher marginal revenue products of capital (MRPK) receive more debt financing,
expand investment, and experience reductions in MRPK, indicating improved capital allocation
efficiency.

Furthermore, industrial output increases with higher judicial transparency, primarily driven
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Table 12: Legal Transparency and Capital Allocation: Heterogeneity by Ownership

@ @) ®) 4) ©) (6) @) ®)

Dependent Variables log MRPK log K log MRPK log K
SOE FIE Private SOE FIE Private Pooled Pooled
Transe + I}'$"MRPK 0714%  -0.682%%  0.827*%  0.338%%  0298*  0.500%*  -0.826™*  0.495%%*
_ (0.081) (0.050) (0.041) (0.072) (0.030) (0.037) (0.039) (0.035)
Transe  I['S™MRPK & SOF, 0.074 0.152%
‘ (0.074) (0.061)
Transe « IS"™MRPK S FIE, 0148 0.185%*
(0.056) (0.042)
Firm FE v v v v v v v v
CIC 4-Year FE v v v v v v v v
Initial Size;*Years v v v v v v v v
Province-Year FE v v v v v v
Province-Year-Ownership FE v v
Observations 51,208 130,480 331,131 58,807 140,817 370,680 526,951 585,345
R? 0.849 0.831 0.833 0.971 0.963 0.959 0.829 0.961

Notes: This table displays the heterogeneous effects of legal transparency on firms” MRPK and fixed capital based on firm ownership.
SOE, FIE, and Private denote state-owned, foreign/Hong Kong/Macro/Taiwan, and private domestic firms, respectively. Columns
(7) and (8) use the pooled sample containing firms of all ownerships. Each observation is at the firm-by-year level. MRPK is measured

using Revenue/Capital. K is the fixed capital in each year. Transparency is the fraction of publicly released cases relative to the total

. . HighMRPK . S N
number of closed cases for each province c in year . I; ¢ is a dummy variable indicating whether firm i’s pre-reform average

MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is measured by firms’ logged
sales in 2011. All regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are clustered at the CIC-4digit
industry level. *** p<0.01, ** p<0.05, * p<0.1.

by gains in productivity per worker rather than increases in employment. The reform is also
associated with a notable rise in the number of newly registered firms. To further validate the
information-based mechanism, we examine heterogeneous effects by firm ownership type, public
listing status, and industry-level contract intensity. These results reinforce the interpretation that
improved legal transparency facilitates more efficient debt financing by alleviating information
frictions in credit markets.

We also recognize the potential for alternative channels through which legal transparency re-
forms might influence economic dynamics. For example, the disclosure of legal information could
lead to changes in corporate behavior, prompting firms to adjust their strategies and risk man-
agement practices.?? Exploring other important channels presents promising avenues for future

research.

22 Appendix Table B6 shows that the average case incidence per firm does not significantly change in response to
legal transparency. This indicates that firms” efforts to alter their behavior in order to avoid being sued may not be
substantial.

37



References

Acemoglu, Daron, and Simon Johnson. 2005. “Unbundling institutions.” Journal of Political Econ-
omy, 113(5): 949-995.

Acemoglu, Daron, Simon Johnson, and James A Robinson. 2001. “The colonial origins of com-
parative development: An empirical investigation.” American Economic Review, 91(5): 1369-1401.

Allen, Franklin, Jun Qian, and Meijun Qian. 2005. “Law, finance, and economic growth in
China.” Journal of Financial Economics, 77(1): 57-116.

Arena, Matteo P. 2018. “Corporate litigation and debt.” Journal of Banking & Finance, 87: 202-215.

Bai, Yan, Dan Lu, and Xu Tian. 2018. “Do financial frictions explain chinese firms’ saving and
misallocation?” National Bureau of Economic Research.

Barro, Robert J. 1997. Determinants of Economic Growth: A Cross-country Empirical Study. MIT Press.

Bau, Natalie, and Adrien Matray. 2023. “Misallocation and capital market integration: Evidence
from India.” Econometrica, 91(1): 67-106.

Bayar, Onur, Ioannis V Floros, Yini Liu, and Juan Mao. 2024. “Litigation and information effects
on private sales of securities.” Journal of Corporate Finance, 88: 102628.

Bigio, Saki. 2015. “Endogenous liquidity and the business cycle.” American Economic Review,
105(6): 1883-1927.

Boehm, Johannes, and Ezra Oberfield. 2020. “Misallocation in the Market for Inputs: Enforce-
ment and the Organization of Production.” The Quarterly Journal of Economics, 135(4): 2007-2058.

Brandt, Loren, Gueorgui Kambourov, and Kjetil Storesletten. 2025. “Barriers to entry and re-
gional economic growth in China.” Review of Economic Studies, rdaf029.

Chemin, Matthieu. 2020. “Judicial efficiency and firm productivity: Evidence from a world
database of judicial reforms.” Review of Economics and Statistics, 102(1): 49-64.

Chen, Lei, Zhuang Liu, and Yingmao Tang. 2022. “Judicial Transparency as Judicial Centraliza-
tion: Mass Publicity of Court Decisions in China.” Journal of Contemporary China, 31(137): 726~
739.

Chor, Davin. 2010. “Unpacking sources of comparative advantage: A quantitative approach.”
Journal of International Economics, 82(2): 152-167.

Costinot, Arnaud. 2009. “On the origins of comparative advantage.” Journal of International Eco-
nomics, 77(2): 255-264.

Cui, Xiaomin, Miaojie Yu, and Rui Zhang. 2022. “Judicial quality, input customisation, and trade
margins: the role of product quality.” The Economic Journal, 132(643): 926-952.

Cun, Wukuang, Vincenzo Quadrini, Qi Sun, and Junjie Xia. 2022. “Dynamics of trade credit in
China.” The Economic Journal, 132(648): 2702-2736.

David, Joel M, and Venky Venkateswaran. 2019. “The sources of capital misallocation.” American
Economic Review, 109(7): 2531-2567.

David, Joel M, Hugo A Hopenhayn, and Venky Venkateswaran. 2016. “Information, misalloca-
tion, and aggregate productivity.” The Quarterly Journal of Economics, 131(2): 943-1005.

38



Demirgii¢-Kunt, Asli, and Vojislav Maksimovic. 1998. “Law, finance, and firm growth.” The Jour-
nal of Finance, 53(6): 2107-2137.

Deng, Saiying, Richard H Willis, and Li Xu. 2014. “Shareholder litigation, reputational loss, and
bank loan contracting.” Journal of Financial and Quantitative Analysis, 49(4): 1101-1132.

Fuchs, William, Brett Green, and Dimitris Papanikolaou. 2016. “Adverse selection, slow-moving
capital, and misallocation.” Journal of Financial Economics, 120(2): 286-308.

Graham, John R, Si Li, and Jiaping Qiu. 2008. “Corporate misreporting and bank loan contract-
ing.” Journal of Financial Economics, 89(1): 44-61.

Hsieh, Chang-Tai, and Peter ] Klenow. 2009. “Misallocation and manufacturing TFP in China and
India.” The Quarterly Journal of Economics, 124(4): 1403-1448.

Jovanovic, Boyan. 1982. “Selection and the Evolution of Industry.” Econometrica: Journal of the
econometric society, 649-670.

Kurlat, Pablo. 2013. “Lemons markets and the transmission of aggregate shocks.” American Eco-
nomic Review, 103(4): 1463-1489.

La Porta, Rafael, Florencio Lopez-de Silanes, Andrei Shleifer, and Robert W Vishny. 1997. “Le-
gal determinants of external finance.” The Journal of Finance, 52(3): 1131-1150.

La Porta, Rafael, Florencio Lopez-de Silanes, Andrei Shleifer, and Robert W Vishny. 1998. “Law
and finance.” Journal of Political Economy, 106(6): 1113-1155.

Levchenko, Andrei A. 2007. “Institutional quality and international trade.” The Review of Economic
Studies, 74(3): 791-819.

Levine, Ross. 1999. “Law, finance, and economic growth.” Journal of Financial Intermediation, 8(1-
2): 8-35.

Li, Bo, and Jacopo Ponticelli. 2022. “Going bankrupt in China.” Review of Finance, 26(3): 449-486.

Li, Shaojin, and Toni M Whited. 2015. “Capital reallocation and adverse selection.”

Liu, Ernest, Yi Lu, Wenwei Peng, and Shaoda Wang. 20224. “Judicial independence, local protec-
tionism, and economic integration: Evidence from China.”

Liu, Zhuang, T] Wong, Yang Yi, and Tianyu Zhang. 2022b. “ Authoritarian transparency: China’s
missing cases in court disclosure.” Journal of Comparative Economics, 50(1): 221-239.

Liu, Zhuang, Wenwei Peng, Shaoda Wang, and Daniel Xu. 2025. “The Law and Economics of
Lawyers: Evidence from the Revolving Door in China’s Judicial System.” National Bureau of
Economic Research.

Mauro, Paolo. 1995. “Corruption and growth.” The Quarterly Journal of Economics, 110(3): 681-712.

Ma, Zhiming, Derrald Stice, Han Stice, and Yue Zhang. 2023. “Local newspaper closures and
bank loan contracts.” Contemporary Accounting Research.

Midrigan, Virgiliu, and Daniel Yi Xu. 2014. “Finance and misallocation: Evidence from plant-
level data.” American Economic Review, 104(2): 422—-458.

Moll, Benjamin. 2014. “Productivity losses from financial frictions: Can self-financing undo capi-
tal misallocation?” American Economic Review, 104(10): 3186-3221.

Murphy, Kevin M, Andrei Shleifer, and Robert W Vishny. 1993. “Why is rent-seeking so costly

39



to growth?” The American Economic Review, 83(2): 409-414.

Ni, Xiaoran, and Sirui Yin. 2018. “Shareholder litigation rights and the cost of debt: Evidence
from derivative lawsuits.” Journal of Corporate Finance, 48: 169-186.

North, Douglas C. 1991. Institutions, Institutional Change and Economic Performance. Cambridge
University Press.

Nunn, Nathan. 2007. “Relationship-specificity, incomplete contracts, and the pattern of trade.”
The Quarterly Journal of Economics, 122(2): 569-600.

Oliviero, Tommaso, Min Park, and Hong Zou. 2024. “Liquidity Effects of Litigation Risk: Evi-
dence from a Legal Shock.” The Journal of Law and Economics, 67(1): 103-141.

Peters, Michael. 2020. “Heterogeneous markups, growth, and endogenous misallocation.” Econo-
metrica, 88(5): 2037-2073.

Ponticelli, Jacopo, and Leonardo S Alencar. 2016. “Court enforcement, bank loans, and firm in-
vestment: evidence from a bankruptcy reform in Brazil.” The Quarterly Journal of Economics,
131(3): 1365-1413.

Rajan, Raghuram G, and Luigi Zingales. 1995. “What do we know about capital structure? Some
evidence from international data.” The Journal of Finance, 50(5): 1421-1460.

Restuccia, Diego, and Richard Rogerson. 2008. “Policy distortions and aggregate productivity
with heterogeneous establishments.” Review of Economic Dynamics, 11(4): 707-720.

Song, Zheng, and Guiying Laura Wu. 2015. “Identifying capital misallocation.” Work. Pap., Univ.
Chicago, Chicago.

Tang, Yingmao, and John Zhuang Liu. 2019. “Mass publicity of Chinese court decisions.” China
Review, 19(2): 15-40.

Visaria, Sujata. 2009. “Legal reform and loan repayment: The microeconomic impact of debt re-
covery tribunals in India.” American Economic Journal: Applied Economics, 1(3): 59-81.

Wei, Shang-Jin. 2000. “How taxing is corruption on international investors?” Review of Economics
and Statistics, 82(1): 1-11.

Yang, JinJing, Hui Qin, and Haibo He. 2019. “Online Disclosure of Judicial Documents in China:
Progress, Problems, and Improvements.” Chinese Law Review, , (6): 125-147.

40



Appendices

Appendix A. Proof of Proposition 2

Using Bayes rule, the posterior distribution for those firms not being revealed is

1/2 1
1/24+1/2(1—x) 2—x

P(A = Ap|no revealing) =

ok
1_alt

where A; = Z Y ,s=H,L.
As a result, the distribution of MRPK is

1
0, with probability Ex

k A 1
a1 1 L ith e Lo
log MRPK = log L _]ah 9] 4 log T A+ A < 0, with probability 2(1 x)
]
Al

log > 0, with probability %

A-Ap+ AL

The gap of average log MPRK between high and low productivity firms is

1 Ay 1 Ar
G(x) = =1lo —(1—-x)lo
() =3 log S Ap+2EAL ~a(1m)log Al + AL
We can show that A A
X H— AL
G (x 710 AL—flo D(x) — = ————5——~

where D(x) = w Since G'(x) < 0 when x € [0, 1], we conclude that an increase in legal

transparency x will induce a decrease in the dispersion of MRPK (in log terms).
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Appendix B. Additional Results

Appendix Table B1: Average Effect of Legal Transparency

) @ ®) 4) ©) (6) @)
Dependent Variables log MRPK  log K  leverage long short trade log output
ratio borrow  borrow  borrow
Transe; 0.00183 0.223*** 0.250 0.165*  0.145***  0.338*** 0.246***

0.0507)  (0.0360)  (0.269)  (0.0957) (0.0283) (0.0540)  (0.0494)

Initial firm size;*years included
Firm and CIC4-Year FE included
Provincial controls included

Observations 526,628 584,959 559,766 155,695 572,722 498,441 512,440
R? 0.827 0.961 0.806 0.898 0.944 0.895 0.901

Notes: This table displays the effects of legal transparency on the average outcomes of firms. Each observation is at the firm-by-year
level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year. The total leverage ratio is measured as the ratio
of total debt to fixed capital. Long-term and short-term borrowing correspond to noncurrent and current liabilities, respectively, while
trade borrowing is measured by accounts payable. Transparency,; is the fraction of publicly released cases relative to the total number
of closed cases for each province c in year ¢. Initial Size; is measured by firms’ logged sales in 2011. Since province-by-year fixed
effects cannot be included in this regression, we control for provincial-level variables listed in Table 1, including the urbanization rate,
the proportion of the population with education above the college level, the ratio of foreign direct investment to GDP, road area per
capita, and the rollout of the judicial independence reform. While we observe an increase in average capital in response to the legal
transparency reform, the magnitude is smaller than that reported in Table 2 (0.437). Standard errors are clustered at the CIC-4digit
industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table B2: Alternative Measures of Legal Information Availability

@) @ ®G) 4) ®) (©) @)
Dependent Variables log MRPK  log K  leverage long short trade  log output
ratio borrow  borrow  borrow

A. Cont.Dis..; = number of disclosed contract dispute cases / number of firms

Cont.Dis.c; » I'$"MPRK 0071 0.031%* 0075  0.037** 0.009** 0.007*  0.017*
(0.003) (0.005)  (0.018)  (0.007)  (0.002)  (0.003) (0.004)
Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.900
Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833

B. Cont.Defen.Dis..: = number of disclosed contract dispute cases involving firms / number of firms

Cont.Defen.Dis.ci+ I 'S"™MPRE 0100+ 0048+  0.119%%  0.056"* 0.014%* 0011  0.027**
(0.005) (0.003)  (0.028)  (0.011)  (0.003)  (0.004) (0.006)
Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.900
Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833

C. Aug.Transparency s = legal transparency * average length of reasoning section

Dependent Variables log MRPK  logK  leverage long short trade  log output
ratio borrow  borrow  borrow

HighMPRK

i

S0.130%%  0.072%*  0.175**  0.050**  0.020%** 0.016***  0.039***
(0.005) (0.004)  (0.032)  (0.012)  (0.003)  (0.004) (0.006)

Aug.Transparencye * 1

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 526,553 584,876 559,643 155,571 572,614 498,287 512,383
R? 0.828 0.961 0.806 0.899 0.944 0.895 0.901

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, using the disclosure of
contract disputes as a measure. Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. Kis the fixed

capital in each year. The total leverage ratio is measured as the ratio of total debt to fixed capital. Long-term and short-term borrowing

P . . - HighMRPK .
correspond to noncurrent and current liabilities, respectively, while trade borrowing is measured by accounts payable. I; 8 isa

dummy variable indicating whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its
CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in 2011. Standard errors are clustered at the CIC-4digit industry
level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table B3: Lawsuit Involvement as Defendants and Borrowing

@ @

Dependent Variables log capital log total borrow
Lawsuit Value as Defendants/Sales in 2014;*Post2014; ~ -0.294*** -0.112**

(0.0523) (0.0503)
Firm FE v v
Year FE v v
Observations 189,545 186,511
R? 0.935 0.931

Notes: This table displays the association between firms’ involvement in lawsuits as defendants and their borrowing. Each observation
is at the firm-year level. The data source for this analysis is the Tax Survey of industrial firms in China from 2011 to 2016, which was
initially matched with data on above-scale industrial firms and then with disclosed lawsuit data from Qichacha for 2014-2016. Among
the 342,925 firms in China’s above-scale industrial firms data for 2013, we matched 216,008 firms (a 63.0% match rate) with judgment
documents from Qichacha by firm name. Of these matched firms, 49.3% were involved in lawsuits as defendants at least once during
2014-2019. The variable Lawsuit Value as Defendants/Sales in 2014; represents a firm’s lawsuit value as a defendant, normalized by its
annual sales value. Post2014; is a dummy variable for the period 2014-2016. The dependent variable is log fixed capital in Column (1)
and log total debt in Column (2). Standard errors are clustered at CIC-4 digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

Appendix Table B4: MRPK and Lawsuit Involvement as Defendants

1) () 3) 4) ®) (6)
Dependent Variables lawsuit value/sales indicator for being defendants
log MRPK; -0.016***  -0.017***  -0.018**  -0.030*** -0.029***  -0.027***
(0.002) (0.001) (0.001) (0.003) (0.003) (0.003)
ISOE -0.043*** -0.026*
(0.003) (0.013)
et -0.006*** -0.007*
(0.001) (0.004)
log L; -0.009*** 0.040***
(0.001) (0.003)
Industry FE v v v v
Province FE v v v v
Observations 208,627 208,581 208,510 208,627 208,581 208,510
R? 0.014 0.038 0.043 0.005 0.025 0.028

Notes: This table displays the association between firms” MRPK and their (subsequent) involvement in lawsuits as defendants. Each
observation is at the firm level. The data source for this analysis is China’s above-scale industrial firms in 2013, which were matched
with judgment documents from Qichacha by firm name, yielding a match rate of 63.0% (216,008 out of 342,925 firms). Among these
firms, 49.3% were involved in lawsuits as defendants at least once during 2014-2019. MRPK is measured using Revenue/Capital. The
dependent variable in Columns (1) to (3) is the ratio of lawsuit value to firms” annual sales value, while in Columns (4) to (6) it is an
indicator of whether the firm was a defendant at least once from 2014 to 2019. Firm-level controls include indicators for state-owned
status (SOE), export activity, and log employment. Standard errors are clustered at the CIC-2 digit industry level. *** p<0.01, ** p<0.05,
*p<0.1.
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Appendix Table B5: Legal Transparency and First-instance Appeal Rate

@ @ ®) )

Dependent Variable First-instance Appeal Rate
Transparencyct -0.0795  -0.0645

(0.0480)  (0.0402)
Transparencyp -0.0577  -0.0446

(0.0469)  (0.0449)

Provincial controls v
Prefectural controls v
Province FE and Year FE v v
Prefecture FE and Year FE v v
Observations 179 179 1,436 1,436
R? 0.666 0.688 0.514 0.518

Notes: This table displays the impact of legal transparency on the first-instance appeal rate, with each observation at the province-
by-year level in Columns (1) and (2), and the city-by-year level in Columns (3) and (4). The first-instance appeal rate is calculated
as the ratio of second-instance cases to first-instance cases. Trans represents the proportion of publicly disclosed cases in all closed
cases in each province ¢ / each city p in year t. Province- and prefecture-level controls include urbanization rate, the proportion of
the population with education above the college level, the ratio of foreign investment to GDP, road area per capita, and the rollout of
judicial independence reform. Standard errors clustered at the province level in Columns (1) and (2) and at the city level in Columns

(3) and (4). *** p<0.01, ** p<0.05, * p<0.1.

Appendix Table B6: Legal Transparency and Case Incidence

1) (2 (3) 4)

Dependent Variables All Cases Civil Cases
Transparencyc; -0.00776 -0.00413 -0.00613 -0.00367

(0.00572)  (0.00303) (0.00414) (0.00268)
Provincial controls v v
Province FE and Year FE v v v v
Observations 132 132 108 108
R-squared 0.913 0.939 0.848 0.899

Notes: This table displays the impact of legal transparency on the ratio of the number of cases to the number of firms, with each
observation at the province-by-year level. Trans represents the proportion of publicly disclosed cases in all closed cases in each
province ¢ and year ¢. Province-level controls include urbanization rate, the proportion of the population with education above the
college level, the ratio of foreign investment to GDP, road area per capita, and the rollout of judicial independence reform. Standard

errors clustered at the province level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Figure OA1l. Example Judgment Document
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B¢

Date of case registration

Facts of the case:

“On September 22, 2015, the plaintiff
and the defendant, Company A,
signed an "Industrial Goods Purchase
and Sales Agreement,” stipulating that
the plaintiff would purchase 750 tons
of electrolytic copper from Company B
(the defendant), with a total contract
amount of 30,105,000 yuan and a
delivery date of October 31, 2015. The
plaintiff paid the full amount, but
Company B has not delivered the
goods to date. The contract is
overdue, and Company B has
fundamentally breached the contract.”

This figure shows a screenshot of one example judgment document on China Judg-
Online. The document is accessible at https://wenshu.court.gov.cn/website/wenshu/
181107ANFZOBXSK4/index .html?docId=6Dz40boryH9+4Jxys2TyGldqw/S4tZ2xTdyiTnGCEQcLt jkhma2px/UKq3u+
IE040nKXqtyXNfptDjTsJDwNIgio796TzAuaeZhpFmw54NkgL1VulYk5gD/TcHtOTtFA. Last accessed: June 24, 2025.
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Appendix Figure OA2. Search Page of China Judgments Online

Notes: This figure shows a screenshot of the search page from https://wenshu.court.gov.cn/.
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Appendix Figure OA3. Composition of Disclosed Cases

Notes: The data source for this analysis includes all publicly available first-instance judgments of civil cases from 2014
to 2019.
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Appendix Figure OA4. Search Page of Qichacha

Notes: This figure shows a screenshot of https://www.qgcc. com/.
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Appendix OB. Supplementary Figures

(5 DATA

Appendix Figure OB1. Prefecture-level Legal Transparency in 2015

Notes: Legal transparency for each city is measured by the proportion of closed cases with judgment documents pub-
lished online at the prefectural level. The numerator data is obtained from China Judgments Online, while the denom-
inator data is provided by the SPC for research purposes. Roughly 25% cities have missing values for the number of
closed cases.
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Appendix Figure OB2. Legal Transparency in 2014-2016

Notes: This figure plots the scatter point graph between the average legal transparency in 2014-2016 and the annual
values. Each observation is at the province-by-year level.
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Appendix Figure OB3. Association between MRPK Dispersion and Legal Transparency

Notes: Each observation represents a province. The vertical axis shows the MRPK gap between firms with initially
high (above median of their CIC-4 digit industry) and low MRPK (below median) for the periods 2011-2013 (left) and

2014-2016 (right). The horizontal axis represents the average disclosure rate (legal transparency) for each province from
2014-2016.
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Appendix OC. Robustness Checks

Appendix Table OC1: Robustness: Civil Cases Transparency

1) @ ©) @) ®) (6)

Dependent Variables log MRPK  log K  leverage long short trade
ratio borrow  borrow  borrow
CivilTranse » ' S"™MRPK 07460+ 0389%+ 1230+ 0327+  0.135"%  0.120%
(0.041) (0.028) (0.223) (0.085)  (0.024)  (0.033)

Initial firm size;*years included

Firm, CIC4-Year, and Province-Year FE included
Observations 519,719 576,899 551,992 151,743 564,764 490,924

R? 0.830 0.961 0.808 0.901 0.945 0.896

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, using the disclosure
rate of civil cases in each province c in year t as a measure (CivilTrans.;). Each observation is at the firm-by-year level. MRPK
is measured using Revenue/Capital. K is the fixed capital in each year. The total leverage ratio is measured as the ratio of total
debt to fixed capital. Long-term and short-term borrowing correspond to noncurrent and current liabilities, respectively, while trade

borrowing is measured by accounts payable. [HighMRPK

; is a dummy variable indicating whether firm i’s pre-reform average MRPK

(calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in

2011. Standard errors are clustered at the CIC-4digit industry level. ** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table OC2: Robustness: Transparency of Cases Closed in the Same Year

) @) ®G) @) ©) (6) @)
Dependent Variables log MRPK  logK  leverage long short trade  log output
ratio borrow  borrow  borrow

SYTranse « IFS"™RPK 046 05490 1525+ 0418  0.166"* 0.132%* 0315

(0.047) (0.035) (0.267) (0.096)  (0.027)  (0.037) (0.052)

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 526,951 585,345 560,106 155,770 573,082 498,710 512,737
R? 0.828 0.961 0.806 0.899 0.944 0.895 0.901

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, using the disclosure
rate of cases closed in the same year in each province c in year ¢ as a measure (SY Trans.;). Each observation is at the firm-by-year level.
MRPK is measured using Revenue/Capital. K is the fixed capital in each year. The total leverage ratio is measured as the ratio of total

debt to fixed capital. Long-term and short-term borrowing correspond to noncurrent and current liabilities, respectively, while trade

borrowing is measured by accounts payable. I,.H e dummy variable indicating whether firm i’s pre-reform average MRPK

(calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in
2011. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

Appendix Table OC3: Robustness: Prefecture-level Legal Transparency

) @ ®) 4) ©) ©) @)
Dependent Variables log MRPK  logK  leverage long short trade  log output
ratio borrow  borrow  borrow

CityTransy + I'S"™RPK 7890 04340 0945+ 0300%*  0.118%*  0.089*  0.196***
(0.033)  (0.028)  (0.188)  (0.070)  (0.019)  (0.027)  (0.036)
Initial firm size;*years included
Firm, CIC4-Year, and City-Year FE included
Observations 526855 585260 560,018 155634 572,988 498,618 512,638
R 0.831 0961 0807 0901 0945  0.89% 0.903

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, using the disclosure
rate of cases in each city p in year t as a measure (CityTransy;). Each observation is at the firm-by-year level. MRPK is measured
using Revenue/Capital. K is the fixed capital in each year. The total leverage ratio is measured as the ratio of total debt to fixed

capital. Long-term and short-term borrowing correspond to noncurrent and current liabilities, respectively, while trade borrowing

is measured by accounts payable. IiHighMRPK is a dummy variable indicating whether firm i’s pre-reform average MRPK (calculated

from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Standard errors are clustered at the CIC-4digit industry level.
*** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table OC4: Robustness: County-level Legal Transparency

) @ ®) 4) ©) (6) @)
Dependent Variables log MRPK  log K  leverage long short trade  log output
ratio borrow  borrow  borrow

CityTransp » I'S™RPK 05310 0305 0689 0260+ 0.101%* 0.111%*  0.184**

(0.0259)  (0.0190)  (0.132) (0.053)  (0.0141) (0.0207)  (0.0270)

Initial firm size;*years included
Firm, CIC4-Year, and County-Year FE included

Observations 533,816 592,808 567,442 158,350 580,437 505,409 519,364
R? 0.828 0.961 0.806 0.899 0.944 0.895 0.900

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, using the disclosure
rate of cases in each county g in year f as a measure (CountyTrans,). Each observation is at the firm-by-year level. MRPK is measured
using Revenue/Capital. K is the fixed capital in each year. The total leverage ratio is measured as the ratio of total debt to fixed

capital. Long-term and short-term borrowing correspond to noncurrent and current liabilities, respectively, while trade borrowing

is measured by accounts payable. I].H SMRPK js dummy variable indicating whether firm i’s pre-reform average MRPK (calculated

from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Standard errors are clustered at the CIC-4digit industry level.
*** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table OC5: Robustness: Changing the Denominator

) @ ®) @) ©) (6) @)
Dependent Variables log MRPK  logK  leverage long short trade  log output
ratio borrow  borrow  borrow

A. Transparency.,s = number of disclosed cases / number of firms

Transee  ITS™MPRE 00167+ 0,007 0019 0.0074*  0.002%*  0.002***  0.004***
(0.001)  (0.001)  (0.004)  (0.001)  (0.000)  (0.001) (0.001)
Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included
Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.900

B. Transparency.; = number of disclosed cases / GDP (in units *10)

Transe + IVS™MPRE 00359+ 0.020m*  0.039%*  0.015%*  0.005%* 0.004**  0.010*

0.001)  (0.001)  (0.008)  (0.003)  (0.001)  (0.001)  (0.002)

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.900

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output using alternative
measure of legal transparency. Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K is the fixed
capital in each year. The total leverage ratio is measured as the ratio of total debt to fixed capital. Long-term and short-term borrowing
correspond to noncurrent and current liabilities, respectively, while trade borrowing is measured by accounts payable. I,.nghMRPK is
a dummy variable indicating whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within
its CIC-4 digit industry. Legal transparency is measured by replacing the denominator in the benchmark measure with number of
above-industrial firms (in Panel A) and GDP (in Panel B). All regressions include firm and CIC-4digit industry-by-year fixed effects.
Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table OC6: Robustness: Exclude Big Firms

1) 2 3) @ ) (6) 7) (8 9) (10)
Dependent Variables  log MRPK log K log MRPK log K log MRPK log K log MRPK log K log MRPK log K

exclude sample whose annual sales are among top 5%

all in same CIC2 in same province in same city in same county
Transe; * Iih”ghMPRK -0.794%** 0474 -0.801**  0.505*** = -0.808***  0.520*** = -0.793**  0.464™*  -0.789**  0.446**
(0.034) (0.027) (0.035) (0.029) (0.035) (0.030) (0.033) (0.027) (0.032) (0.028)
Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included
Observations 485,131 539,901 437,475 488,616 421,619 471,587 501,787 557,932 519,279 576,869
R? 0.833 0.956 0.836 0.952 0.838 0.951 0.831 0.958 0.829 0.960
(1) (12) (13) (14) (15) (16) (17) (18) (19) (20)
exclude sample whose annual employment size are among top 5%
all in same CIC2 in same province in same city in same county
Transq + I S"™MPRKC 0801 0471 0.803%% 0476 -0.826%* 0496 0796 0461 0792 0.454**
(0.033) (0.029) (0.034) (0.029) (0.035) (0.030) (0.032) (0.028) (0.031) (0.027)
Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included
Observations 488,813 544,350 482,963 538,009 451,894 504,726 505,398 562,150 514,328 571,724
R? 0.831 0.957 0.832 0.957 0.834 0.955 0.830 0.959 0.830 0.960

Notes: This table displays robustness checks on the impact of legal transparency on capital allocation by excluding the largest 5% of firms within each industry (CIC-2 digit) or within
different geographic levels (province, city, county), based on annual sales and employment. Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K

is the fixed capital in each year. Trans.; is the fraction of publicly released cases relative to the total number of closed cases for each province c in year t. I lH ISMRPK §s a dummy variable

indicating whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in
2011. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.



Appendix Table OC7: Robustness: Allowing Heterogeneous Impact of Independence Reform

@ ) ®) ) ©) (6) @)
Dependent Variables log MRPK  logK  leverage long short trade  log output
ratio borrow  borrow  borrow

Trans « IS™MEPKE 0805w 0479 10214 0220 0.112%*  0.080  0.231%
(0.035) (0035  (0226)  (0.071)  (0.020)  (0.032)  (0.035)

Independences * Il.HighMRpK Included

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 526,951 585,345 560,106 155,770 573,082 498,710 512,737
R? 0.828 0.961 0.806 0.899 0.944 0.895 0.901

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, in a robustness setting
allowing the heterogeneous impact of the judicial independent reform Independence.; on firms with initially high and low MRPK.
Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year. The total
leverage ratio is measured as the ratio of total debt to fixed capital. Long-term and short-term borrowing correspond to noncurrent

and current liabilities, respectively, while trade borrowing is measured by accounts payable. Transparency.; is the fraction of publicly
released cases relative to the total number of closed cases for each province c in year ¢. linghMRPK is a dummy variable indicating

whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its CIC-4 digit industry. Standard
errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table OC8: Robustness: Indicator of High MRPK Measured using 2011 Data

) @) ®) ) ©) (©) @)
Dependent Variables log MRPK  log K  leverage long short trade  log output
ratio borrow  borrow  borrow

A. Trans.; = Disclosure Rate of all Cases

Transe « I S"MEPK -0.968% 0471 0780  0.329%*  0.093**  0.055*  0.183**

(0.032)  (0.030)  (0.202)  (0.071)  (0.021)  (0.031)  (0.034)

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 513,874 548,824 526,442 147,363 537,525 469,953 512,737
R? 0.829 0.961 0.807 0.899 0.944 0.896 0.901
B. CivilTrans.; = Disclosure Rate of Civil Cases

CivilTranse » I''S"™MRPK 09330+ 0427+ 0.896** 0390 0.098"* 0.067*  0.173**

(0.040) 0.032)  (0.229)  (0.087)  (0.025) (0.036)  (0.041)

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 506,959 540,865 518,771 143,533 529,680 462,622 505,873
R? 0.830 0.962 0.809 0.901 0.945 0.896 0.903

C. SYTrans,; = Disclosure Rate of Cases Closed in the Same Year

HighMRPK
i

SYTransc x 1 -1.297%  0.597***  1.150***  0.450**  0.127***  (0.080* 0.239%%*

(0.044) (0.039)  (0.281)  (0.094)  (0.029)  (0.042)  (0.049)

Initial firm size;*years included
Firm, CIC4-Year, and Province-Year FE included

Observations 513,874 548,824 526442 147,363 537,525 469,953 512,737
R? 0.829 0.961 0.807 0.899 0.944 0.896 0.901

Notes: This table displays the effects of legal information on firms” MRPK, fixed capital borrowing, and output, in a robustness setting
using an alternative definition of high initial MRPK using 2011 data. Each observation is at the firm-by-year level. MRPK is measured
using Revenue/Capital. K is the fixed capital in each year. The total leverage ratio is measured as the ratio of total debt to fixed
capital. Long-term and short-term borrowing correspond to noncurrent and current liabilities, respectively, while trade borrowing is
measured by accounts payable. Trans. is the fraction of publicly released cases relative to the total number of closed cases for each

province ¢ in year t. Civil Trans is the disclosure rate of civil cases in each province c in year t. SY Trans. is the disclosure rate of cases

closed in the same year. [ IHighMRPK is a dummy variable indicating whether firm i’s pre-reform average MRPK (calculated from 2009

to 2012) exceeds the median within its CIC-4 digit industry. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01,
**p<0.05,* p<0.1.
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